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Lplallf abead) Jeakesilt) by ubs  Gsda o 9% s yal) - F-A
A5 8 Gl (2nl a8 ) Baaly ddadiy pafill) Jiag A5 i Juadl e Jpaall Clllad) Gacadal alull Juladl) 45yl ok
joshalt 5 g j Gualad) Al Wsd 5 Cumulative claims 4ssal cldiad) (i)
r Sl Jsandl IR (e ¢AgaS) il ldUaall by il aladil o

Al ) (1) Jsaa

9 8 7 6 5 4 3 2 1 0 Gralad) A
31,242,235 | 30,405,699 | 28,048,879 | 26,699,247 | 23,408,748 | 21,631,494 | 19,256,863 | 12,369,777 | 6,739,083 | 2,080,206 | 2012
30,496,061 | 27,704,340 | 26,397,452 | 23,279,933 | 22,460,312 | 18,695,872 | 12,173,594 | 7,738,447 | 1,503,633 | 2013
28,021,679 | 25,738,505 | 24,709,853 | 22,873,640 | 21,225,021 | 13,659,961 | 9,184,109 | 1,844,186 | 2014

26,290,105 | 21,730,627 | 18,743,230 | 16,194,018 | 11,370,255 | 6,664,208 | 2,836,871 | 2015

23,502,293 | 21,284,533 | 17,358,798 | 13,443,681 | 8,258,280 | 2,351,353 | 2016

21,480,023 | 19,578,888 | 13,321,521 | 7,185,188 | 2,772,979 | 2017

18,818,123 | 14,994,972 | 7,450,122 | 2,315,324 | 2018

13,125,774 | 6,751,433 | 1,788,922 | 2019

7,513,745 | 2,026,836 | 2020

2,191,120 | 2021

LSy el o aladinly Yo Y ‘;hY~\Ymiﬂ%ﬂ\wﬁ]\&t&ﬁdhyQQSLL.A\&SL@@\;&e&;t..d\a\x_j&e;ﬁm.d\




VoYY e cal I aasl) Callil) alaall - 3 ualaall 4y jlail) & ganll dpagalst) ddaal)

j ookl 5 g i caalad) ddad 188 5 4, i) cliUaal (o)
2 sl IR (e AaaS) il lladll 4 ~ )k J3A e cIncremental Claims Actual 4 siud) cildUaall Ul ¢alia aladinl o

Actual Incremental Incurred Claims dal=8ll 4,50l lildaall (V) Joa

(A) Development year ,shill 4 Galall A
10 9 8 7 6 5 4 3 2 1
836,536 | 2,356,820 | 1,349,632 | 3,290,499 | 1,777,254 | 2,374,631 | 6,887,086 | 5,630,694 | 4,658,877 | 2,080,206 | 2012
2,791,721 | 1,306,888 | 3,117,519 | 819,621 | 3,764,440 | 6,522,278 | 4,435,147 | 6,234,814 | 1,503,633 | 2013
2,283,174 1,028,652 | 1,836,213 | 1,648,619 | 7,565,060 | 4,475,852 | 7,339,923 | 1,844,186 | 2014
4,559478 | 2,987,397 | 2,549,212 | 4,823,763 | 4,706,047 | 3,827,337 | 2,836,871 | 2015
2,217,760 | 3,925,735 | 3,915,117 | 5,185,401 | 5,906,927 | 2,351,353 | 2016
1,901,135 | 6,257,367 | 6,136,333 | 4,412,209| 2,772,979 | 2017
3,823,151 | 7,544,850 | 5,134,798 | 2,315,324 | 2018
6,374,341 | 4,962,511 | 1,788,922 2019
5,486,909 | 2,026,836 | 2020
2,191,120 | 2021

Excel gebin pladinly Salll slae) (e : jradll
Development Factors (DF) ushill c¥aa Glua (7)

el ) A5l 3 0eS) ) llllnal) e gt A JS 3 el Ll a8 5l e Ledbun 33 Can Age To Age FaCtors — Ll < s il
oabadl Gkl 28y s 5 5l

Fad il Ailedl) cilllaall LAl skt Ve ciluaa (F) Jsaa

(10/9) (9/8) (8/7) (1/6) (6/5) (5/4) (413) (312) (2/1) skl L
1.0275 1.0923 1.0627 1.1288 1.0901 1.1439 1.4357 1.7418 3.4571 ok ey
1.0275 1.1224 1.1927 1.3464 1.4676 1.6789 2.4104 4.1984 14.5147 &Sl ) shill c¥ora

Excel gebtin pladinly Gald) slae) (e 1 juaall



VoYY e cal I aasl) Callil) alaall - 3 ualaall 4y jlail) & ganll dpagalst) ddaal)

ALiied) e ghaal And il AuaS ) S (4) Jsos

aS) il alllad wile sae &l Triangle of Cumulative Loss Payments

Development yeardawl / )ghaill 4iu

10 9 8 7 6 5 4 3 2 1 Galall 4
31,242,235 | 30,405,699 (28,048,879 |26,699,247 | 23,408,748 | 21,631,494 |19,256,863 | 12,369,777 | 6,739,083 | 2,080,206 | 2012
31,335,083 | 30,496,061 (27,704,340 |26,397,452 |23,279,933 | 22,460,312 | 18,695,872 |12,173,594 | 7,738,447 | 1,503,633 | 2013
31,451,485 | 30,609,346 | 28,021,679 | 25,738,505 | 24,709,853 | 22,873,640 | 21,225,021 | 13,659,961 | 9,184,109 | 1,844,186 | 2014
31,356,894 | 30,517,287 | 27,937,403 | 26,290,105 | 21,730,627 | 18,743,230 | 16,194,018 | 11,370,255 | 6,664,208 | 2,836,871 | 2015
31,642,628 | 30,795,371 | 28,191,978 | 26,529,669 | 23,502,293 |21,284,533 | 17,358,798 | 13,443,681 | 8,258,280 | 2,351,353 | 2016
31,525,104 | 30,680,994 | 28,087,270 | 26,431,135 | 23,415,003 | 21,480,023 | 19,578,888 | 13,321,521 | 7,185,188 | 2,772,979 | 2017
31,593,257 | 30,747,322 | 28,147,991 | 26,488,276 | 23,465,623 | 21,526,460 | 18,818,123 | 14,994,972 | 7,450,122 | 2,315,324 | 2018
31,637,760 | 30,790,634 | 28,187,641 | 26,525,588 | 23,498,678 | 21,556,783 | 18,844,631 | 13,125,774 | 6,751,433 | 1,788,922 | 2019
31,546,051 | 30,701,380 | 28,105,933 | 26,448,697 | 23,430,561 |21,494,296 | 18,790,005 | 13,087,726 | 7,513,745 | 2,026,836 | 2020
31,803,343 | 30,951,783 | 28,335,167 | 26,664,415 | 23,621,663 | 21,669,605 | 18,943,258 | 13,194,470 | 7,575,028 | 2,191,120 | 2021

ad i) Al il s (5) Jsoa

Excel gebin alaaiuly &aalill dlae ) (e : jradll

AYara A (V) dsds (e Ao saall 4l @ldladll (e Diagonal ki JAl s &3 Expected Ultimate claims dad yiall 4l cililUaall il
’ g p

(A Jgaadl IR (e ey WS Ealadl <l i o A ST () Jsaa (e 4aS) Ay glail]

Al el [ueS) i) okl c¥aea | (Latest Diagonal) de siaal) dueS) il cillaall | a1 kil b ol di IS cile ghaal) [ cadlal) G
(5) = (3)x(4) 4) 3) 2 )
31,242,235 1.0000 31,242,235 10 2012
31,335,083 1.0275 30,496,061 9 2013
31,451,485 1.1224 28,021,679 8 2014
31,356,894 1.1927 26,290,105 7 2015
31,642,628 1.3464 23,502,293 6 2016
31,525,104 1.4676 21,480,023 5 2017
31,593,257 1.6789 18,818,123 4 2018
31,637,760 2.4104 13,125,774 3 2019
31,546,051 4.1984 7,513,745 2 2020
31,803,343 14.5147 2,191,120 1 2021
315,133,839 202,681,158 ey

Excel G_AL‘U,' RENIE Eaalill dlae (e 1 yuaall




VoYY e cal I aasl) Callil) alaall - 3 ualaall 4y jlail) & ganll dpagalst) ddaal)

GlidUaal) paaia Alea) a5 ()

uwujl.a;“d_m.\:ﬁ} SIBNRuw -f—g\._uuﬂ\ uﬁ&haeﬂ\uw—{—m‘)ﬂ\ Bauwall L_IL’JLLA.“ ASQ );ALA.G‘CI)_\ &}AM UAZ\_\:!LG_J\ k"_luua.qn U}S_G
e bl U — Al cldlaal) = 00 Alstea) 03 e il s ¢(IBNR s el Can3 liiagpail) i) b il

Gllaall Gacaie sl S (6) Jsos

Glllad) janie Jlal | de gdad) cllladl (Latest Diagonal) | 4l clllaall | Salald) 4
(4)=(2) - (3) 3) 2) 1)
0 31,242,235 31,242,235 2012
839,022 30,496,061 31,335,083 2013
3,429,806 28,021,679 31,451,485 2014
5,066,789 26,290,105 31,356,894 2015
8,140,335 23,502,293 31,642,628 2016
10,045,081 21,480,023 31,525,104 2017
12,775,134 18,818,123 31,593,257 2018
18,511,986 13,125,774 31,637,760 2019
24,032,306 7,513,745 31,546,051 2020
29,612,223 2,191,120 31,803,343 2021
112,452,681 315,133,839 Sy

Excel gebi aladioly Galll dlae) e : jradl)
el 46y jlay ldUaall Gavadial o)) 55S) 585 Juadl Jiay 1385 5 pandgia Osale V)Y &l clidladll Gacade  Jea) of Gl Jsandl mili (e ey

.GASMJ‘

;ODP gisadl cilbillhal) yawasa 4 puill) (oS yidi ALl s pal) F-f-A

(S sie ppaial AabiA) il a8l (pe aae o (e (R Alad g Ay 400 e 48y jla ol i gall gl Jlay Cus cODP g3 s ol i sall o sl aladia o3

Lalad) 3 S8l iy cldlnall pavadies hadi jall Undll e ol jafil) Gluadddagey 48 )b jis Lee Slsdie il sl ay 5eill Coy j85S A jail) bl alasiuly

saaadl lbibnll dile geae LS55 30le) 5 «ODP &8 e e YL ellyg ¢z gaill Jah ulie JSa e danall iz cclilud) ciline A sale) % bootstrap Y
A0 Jshaadl il (o se IS (e lllaal) (anadial pua Juad Jaiaall sl 5 Gadll e Jseaall Gadaill 4y Cagu s édgladl) UL de sana (0

Fitting Model saiall 73 sill

Jsan Ga t sl 5 5 0all ST ) lllaal) dand 3oy (e oasSe JSi Legbn Siys ¢ polail) ¥ ama ) lailly cdaaS) il 6 psall wdll e J gamnl) kst
A Jpanll O3UA (pe Al (e Aial) FaS) i asill s (s ¢(F) dstn ot — 1 gl o skl Jane e (V)



VoYY e cal I aasl) Callil) alaall - 3 ualaall 4y jlail) & ganll dpagalst) ddaal)
3l 4paS) il cladtaal) (7) Jsas

Fitted Cumulative Loss Payments _:éall 2uaS) gl cililaall cule sdae R
10 9 8 7 6 5 4 3 2 1
31,242,235 | 30,405,699 | 27,835,248 | 26,193,973 | 23,204,905 | 21,287,287 | 18,609,041 | 12,961,680 | 7,441,381 | 2,152,462 2012
30,496,061 | 27,917,971 | 26,271,819 | 23,273,867 | 21,350,550 | 18,664,345 | 13,000,200 | 7,463,496 | 2,158,859 2013
28,021,679 | 26,369,412 | 23,360,323 | 21,429,862 | 18,733,678 | 13,048,493 | 7,491,221 | 2,166,878 | 2014
26,290,105 | 23,290,066 | 21,365,411 | 18,677,336 | 13,009,249 | 7,468,691 | 2,160,361 2015
23,502,293 | 21,560,099 | 18,847,530 | 13,127,793 | 7,536,748 | 2,180,047 | 2016
21,480,023 | 18,777,529 | 13,079,035 | 7,508,756 | 2,171,950 | 2017
18,818,123 | 13,107,311 | 7,524,989 (2,176,646 | 2018
13,125,774 | 7,535,589 | 2,179,712 2019
7,513,745 (2,173,394 2020
2,191,120 2021
Excel gt aladiuly Galdl slae ] (e 1 jaadl)
;) Jgaall 3 Jlall ga LS el gall ¢l i (pa A JSU5 el L) ) e (3l 320 Calal) e s il 4y sinad) cilillaall e (Say g
5l Ay gl ililadl) (8) Jsos
Fitted Incremental Payments (E) 3_8all 43 i) chlllaal) ile 8 L
10 9 8 7 6 5 4 3 2 1 Galall
836,536 | 2,570,451 | 1,641,275 | 2,989,069 | 1,917,618 | 2,678,245 | 5,647,362 | 5,520,299 | 5,288,919 | 2,152,462 | 2012
2,578,090 | 1,646,152 | 2,997,952 | 1,923,317 | 2,686,205 | 5,664,145 | 5,536,704 | 5,304,637 | 2,158,859 | 2013
1,652,267 | 3,009,089 | 1,930,461 | 2,696,183 | 5,685,186 | 5,557,272 | 5,324,343 | 2,166,878 | 2014
3,000,039 | 1,924,655 | 2,688,075 | 5,668,087 | 5,540,558 | 5,308,329 | 2,160,361 | 2015
1,942,194 | 2,712,569 | 5,719,737 | 5,591,045 | 5,356,701 | 2,180,047 | 2016
2,702,494 | 5,698,493 | 5,570,280 | 5,336,805 | 2,171,950 | 2017
5,710,812 | 5,582,322 | 5,348,343 | 2,176,646 | 2018
5,590,185 | 5,355,877 | 2,179,712 | 2019
5,340,351 | 2,173,394 | 2020
2,191,120 | 2021

Excel gl pladiuly Eaalil) dlae) (e 1 Hdadll

R
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Chi-Square gz \S JLEdl ()

Aladl) 4y gind) llaall (V) Jsan (e Aadedl) clilad) 85 Cupm 3 el culibaall s Aabedl) 4y i) lilal) (G (50863 3352 LAY Chi-Square ksl aladial &

Claims(E) Fitted Incremental 3_38all 4, il lldaall (A) Jsas (e 808l Ul 855 « Actual Incremental (A) Claims

Incremental Chi-Square 4 siud) Glilacll oy 5 (518 jLial (9) Jsas

Incremental Chi-Square Terms = (A-E)*2/E

10 9 8 7 6 5 4 3 2 1 Galadl 4
0 17755 51823 30397 10274 34419 272148 2208 75054 2426 2012
17702 69921 4769 633356 | 432801 | 130009 | 219161 | 163108 | 198865 2013
240907 | 1303428 4601 407017 | 621603 | 210439 | 763017 48055 2014
810607 586816 7173 125771 | 125693 | 413188 | 211847 2015
39099 542575 | 569371 29431 56518 13461 2016
237624 54811 57522 160185 | 166318 2017
623951 | 689949 8526 8835 2018
109996 28891 70063 2019
4022 9883 2020
0 2021

Excel gl aladiuly Saldl dlae ) e 1 juadl)
Residuals 2 sl (<)
zob Gaob e 1y Sl Jiad Cus Pearson Residuals st (A) dsaa (e 338al 4y gind) cldUaally o(Y) Jan (e Aaledl) 453l llUadl) aladin o3
sl 5 il el e ) 3al) e danlly Ay pind) 8 il illUnal) (e sl daladl) clllaal
Residuals &' s (10) Js>

Residuals (A-E)/EM.5 sl i
10 9 8 7 6 5 4 3 2 1
0.00 | -133.25 | -227.65 | 174.35 |-101.36 |-185.52 | 521.68 | 46.99 |-273.96 | -49.25 2012
133.05 | -264.43 | 69.06 |-795.84 | 657.88 | 360.57 | -468.15 | 403.87 | -445.94 | 2013
490.82 | -1141.68 | -67.83 |-637.98 | 788.42 | -458.74 | 873.51 | -219.22 | 2014
900.34 | 766.04 | -84.70 | -354.64 | -35453 | -642.80 | 460.27 | 2015
197.73 | 736.60 | -754.57 | -17155 | 237.73 | 116.02 | 2016
-487.47 | 234.12 | 239.84 | -400.23 | 407.82 | 2017
-789.91 | 830.63 | -92.34 | 94.00 2018
331.66 | -169.97 | -264.69 | 2019
63.42 | -99.41 2020
0.00 2021

'Y



VoYY e cal I aasl) Callil) alaall - 3 ualaall 4y jlail) & ganll dpagalst) ddaal)

Resampled Residuals 8 s} clie 31 3ae) (z)
b sdle) lee Sl Cua () 4) dsan (e JIain¥) ae cResampling the residual 85 Clne 330 sale) & 35k aal aad Gl jiwd sl @il shad (s e
i) (Flsr e Gilia Vove Ll Cua e N @l e 2341 (10, ) bootstrapping for residuals Jlsinl 35has Resampled Residuals <l
S O g sl e o eV (8 3 ) sy o sl Ge B e Vv v v 2ae AL B shadl) e Jlasiu) ae cilinall 135l ) 205 choOtStrapped residuals
Jsall I o« Resampled Residuals ¢ aslydie (V1) Jsan (e Sliall jelay o (a5 ¢ Jlain¥) e Resampled Residuals sl Jiay) i j i |l
s Sull
Resampled Residuals 35l cilipe 30 33ke) (11) Jss

Resampled Residuals lsd) cilise 30 sale)

10 9 8 7 6 5 4 3 2 1
873511 900.34 |-227.65 | -92.34 | 133.05| 766.04 | 234.12 | 46.99 |234.12 | 174.35 2012
-169.97 [ -795.84 | -468.15 | 407.82 | -67.83 | 331.66 [-1141.68 |-101.36 | -49.25 2013
-84.7 | 657.88 | 237.73|-16997 | 736.6 | -171.55 |-17155 | -445.94 2014
-09.41 | 460.27 | 873.51 | -642.8 | -400.23 |-227.65 | -487.47 2015
830.63 | 900.34 | 237.73 -84.7 239.84 | -35464 | 2016
-17155 [-637.98 | 900.34 | 116.02 | -84.7 2017
-169.97 | 873.51 | 331.66 | 234.12 2018
-754.57 1900.34 | 657.88 2019
-487 .47 0 2020
-445,94 2021
Excel gebin pladiuly &aalill dlae) (e : jradll

Saalall A

Bl pamada il Pseudo Data Sl ¢e 4ail ciliby gl (3)
bl ) 3 pdiall el e 33 AL il sl cresidual errors ipny cUadl de gana (pe (Replacement Jlain¥l ~lewdl) 4 e die an y 22y
BSlaall (e Aailll A sial) llUaall" avead oy @lld aay 3 bl llUaall Jlaia¥) 4y sluia ¢Sy cdbay Aayis 2Y the actual incremental data daledl) 4 i)

S sl eUadl e Baoa Ao gans wilua Ay (Ol paada pail o Jgasl) Jg i€ ol Juliadll 35 )l sadaig « The incremental pseudo claims
Ao gl echl pamill e CBlS 23 U] aay (2 Janadia g L@Sae a8 Al UL (e B de gana mUSY Lgaladdul g o) a8l (e 40l de ganall aladdiuly

I Joanll JYA (e ciisiall Gacadal e a3l il e

VY



VoYY e cal I aasl) Callil) alaall - 3 ualaall 4y jlail) & ganll dpagalst) ddaal)

Fitted &_28al) 43500l Sllaal) (1 Pseudo Data sSlaall adll e 2ailil) Al clital) oLa) (12) Jsas

slSlaall clilinll 4! il cilalUaall chle gdaa

10 9 8 7 6 5 4 3 2 1 Slad
35032217 | 34,296,749 | 30,282,822 | 28.933.190 | 26,103,763 | 24,001,900 | 20,070,005 | 13,866,282 | 8,235588 | 2.408.254 | 2012
26,643,014 | 24,337,840 | 23,712,766 | 21,525,390 | 19,036,491 | 16,461,463 | 10,007,992 | 7,157,678 | 2,086,496 | 2013
29.404.826 | 27,861,428 | 23,711,140 | 21,450,368 | 19,033.282 | 11,591,782 | 6,438,928 | 1,510,437 | 2014

24475188 | 21,647,338 | 19,084,144 | 14 963921 | 10.826.189 | 6,227,712 | 1,443875 | 2015

26,542 491 | 23,442.707 | 19,247,294 | 12,958,992 | 7,568,214 | 1,656 418 | 2016

21.943.181 | 19,522,708 | 15,347,166 | 7,651,962 | 2,047129 | 2017

21,588,176 | 16,283,554 | 8,637,399 | 2,522,050 | 2018

14,396,615 | 10,590,495 | 3,150,090 | 2019

6387248 | 2173394 | 2020

1531017 | 2021

Gllaal) Zad 33 b oo ¢(F/0) Jsaa (A el Jududill Clus 48 5k (uéi Age-to-Age Factors from pseudo-data shill ci¥ara lua oy

V¢

Excel gl pladiuly Eaalll dlae) e 1 ladll

5le el ALl ) 6 slSlaal) daS) il coldaal) e ki R JS A Lillae &3l i) (g daS) )
BSLaall il (pe 5 3all yglaill Yana (13) Jsaa

BSaall bl e 358l ehatll Y ana Eaalal) A

1.0477 {1.1325 [ 1.0466 | 1.1084 | 1.0876 | 1.1959 | 1.4474 | 1.6837 | 3.4197 | 2012
1.0947 | 1.0264 | 1.1016 | 1.1307 | 1.1564 |1.6448 | 1.3982 | 3.4305 | 2013
1.0554 [ 1.1750 | 1.1054 {1.1270 {1.6420 | 1.8003 | 4.2630 | 2014

1.1306 [ 1.1343 [1.2753 [1.3822 | 1.7384 | 4.3132 | 2015

1.1322 {1.2180 [1.4852 | 1.7123 | 4.5690 | 2016

1.1240 | 1.2721 | 2.0057 [ 3.7379 | 2017

1.3258 | 1.8852 | 3.4248 | 2018

1.3594 [ 3.3610 [ 2019

2.9388 | 2020

2021

Excel gebtipn pladioly Galdl dlae) (e : jradll




VoYY e cal I aasl) Callil) alaall - 3 ualaall 4y jlail) & ganll dpagalst) ddaal)

‘_;Ld\ d_gJ;J\ dhwcu\)ﬂ\ BJM‘J#QYJM} QL\JM\ J# Yo CJL"\.\

pseudo-data 3_8all sSkaall ULl (e Zad giall A3l llUaall Al Al ladl) jedat CiWamay Hehaill ci¥ara s (14) Jsas
(10/9) | (9/8) | (8/7) | (7/6) | (6/5) | (5/4) | (4/3) | (3/2) (2/1) skl i
1.0477 | 1.1157 | 1.0437 | 1.1290 [ 1.1169 [ 1.1799 | 1.4402 | 1.6842 | 3.6262 Jshill Y aza

1.0477 |1.1689 [1.2200 | 1.3773 | 1.5384 | 1.8151 | 2.6141 | 4.4028 | 15.9657 | 4xaSI jill glaill i ana
Excel gl aladiuly Saldl dlae ) (e 1 jraal)

Pseudo Data slslaall cililyll 4ad gial) 4lgil) clilaal) (o)
Al Jsanll OMA (e il 45yl ey 3lSlaall LA (pe Aad siall Aileall cillUaal)l s i ¢ aluad) Jusducil] 45yl il shad i gLl
pseudo-data s\Slaall blall (e dad sial) 4ledl) Gllaall (15) Jgas

ilgl) caldUaall (LDF) 4xeS) 1 3 jlual) skl Jalse | Latest Diagonal i< sdxl) Alldadl | )edailldan | Chalalldis
(5)= (3)x(4) (4) 3) (2) )
35,932,217 1.000 35,932,217 10 2012
27,913,886 1.0477 26,643,014 9 2013
34,371,301 1.1689 29,404,826 8 2014
29,859,729 1.2200 24,475,188 7 2015
36,556,973 1.3773 26,542,491 6 2016
33,757,390 1.5384 21,943,181 5 2017
39,184,698 1.8151 21,588,176 4 2018
37,634,191 2.6141 14,396,615 3 2019
28,121,775 4.4028 6,387,248 2 2020
24,443,758 15.9657 1,531,017 1 2021
327,775,919 208,843,973 Sy

Excel gebtip pladiuly Gialil dlae) (e : jradll

Yo



VoYY e cal I aasl) Callil) alaall - 3 ualaall 4y jlail) & ganll dpagalst) ddaal)

BSlaall UL e ) Gaiaie s i (16) Jsaa

llhd) Gaaie s | e ol cldlaal | Al ciliad | atall 4
0 35,932,217 35,932,217 2012
1,270,872 26,643,014 27,913,886 2013
4,966,475 29,404,826 34,371,301 2014
5,384,541 24,475,188 29,859,729 2015
10,014,482 26,542,491 36,556,973 2016
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Abstract

This research aims to estimate the prediction error in the claims provision using one of the
stochastic models, which depends in its application on the use of the Bootstrap method through
the application ofthe Over-Dispersed Poisson Model, itis necessary to presentthe different types
of errors that play an important role in the application of the model The proposal, which
represent sources of uncertainty, as the mathematical models are just models that correspond to
reality, as they are linked to uncertainty, and the proposed model resulted in an estimate of the
parameters of the model in order to arrive at an evaluation of the potential error on which the
use of the best estimate depends and obtaining measures of variance, where The bootstrap
prediction errors are compared with their analytical equivalents from other stochastic provision
models, and the study concluded that the value of the expected estimated claims provision
amounted to 114 million pounds, and the percentage of prediction error was 16%. The study
recommended the importance of the Financial Supervisory Authority adopting the modelapplied
in this researchto estimate the forecasterror in the claims provision, and using the bootstrap
method to estimate the claims provision It comes with the help of advanced actuarial and
statistical programs because of its advantages in obtaining all the required information about
the distribution of loss and the prediction error in the estimate.
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Claims Provision, Prediction Error, Over-Dispersed Poisson Model.
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