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@ Linear Models

Linear models predict a continuous target based on linear relationships between the target and one

E Fields
E Target
§ 3 i & r50_iék+~4
Predictors(Inputs)
~Use partitioned data: false
E Build Options
- B Objectives
-~ What is your main objective?: Create a standard model
E Basics
- Automatically prepare data: true
- ~Confidence Level(%): 95
El Model Selection
Model selection method: Forward stepwise
~Criteria for entry/removal: Information Criterion (AICC)
“Include effects with p-values less than: 0.05
~Remove effects with p-values greater than: 0.1
Customize maximum number of effects in the final model: false
: * Customize maximum number of steps: false
E Advanced
*Random seed: 54752075
B Training Summary
“~Method: Linear Models
“~Records used in training: 90
~Model type: Classification
+User: profd
~Application: IBM SPSS Statistics 29.0.2.0
~Date built: September 20, 2024 at 9:29:12 PM EEST
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Field: Field1l and Field: Field2 appear
highly correlated.
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Summary

A comparative study of the predictive ability of swimming time from
physical measurements using two regression models and a neural
network analysis model
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The current research aims to conduct a comparative study of the predictive ability of
swimming time from physical measurements using two regression models and a neural
network analysis model, as the basis for the idea of the study is to determine the best
prediction methods in the sports field through three models that are most commonly used in
prediction  The researchers used the descriptive approach in the survey method due to its
suitability to the nature of the research. The research sample was selected randomly from
male and female swimmers from the 14 and 15 years of age from the Alexandria and Beheira
swimming clubs and academies. Their number reached 90 male and female swimmers. The
researchers applied a set of intra-physical measurements to the total sample. The data was
processed statistically through multiple regression, automatic regression, and neural network
testing. The results indicated the use of the methods explained by the study in prediction in
the sports field for all purposes, although in terms of prediction accuracy, the methods based
on artificial intelligence and computers are the optimal method, especially the neural network
model and the automated regression model, especially if the independent variables are of data

types. Different, as it has proven its ability to predict swimmingtime.



