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Abstract 
Background: In the era of digital transformation, real-time health data integration has emerged as a pivotal element in enhancing healthcare 
management. The exponential growth of data, often referred to as "big data," presents both opportunities and challenges for healthcare 

providers seeking to improve efficiency and accuracy in patient care. This paper reviews the principles of big data and its implications within 

the healthcare sector, focusing on the integration of electronic health records (EHRs), Internet of Things (IoT) devices, and advanced data 
analytics methods. 

Methods: To investigate the impact of real-time data integration, a comprehensive literature review was conducted, examining current 

methodologies used in healthcare data management, including machine learning algorithms and cloud computing technologies. Case studies 
were analyzed to demonstrate the effectiveness of data integration in reducing medical errors, enhancing patient outcomes, and streamlining 

workflows. 

Results: The findings indicate that healthcare institutions adopting real-time data integration report significant improvements in operational 
efficiency, with reductions in redundant testing and faster access to critical patient information. Moreover, the integration facilitates proactive 

healthcare management, allowing practitioners to identify and address health issues before they escalate. 

Conclusions: In conclusion, the integration of real-time health data is essential for the evolution of contemporary healthcare management. It 
not only enhances the quality of care delivered but also supports a more patient-centered approach by leveraging data for personalized 

treatment strategies. As the healthcare landscape continues to evolve, embracing advanced data integration technologies will be crucial for 

achieving optimal patient outcomes and operational efficiency. 
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1. Introduction 

Information has proven crucial for enhanced organization and 

innovation. An abundance of knowledge enables us to arrange 
ourselves more effectively to achieve optimum results. 

Consequently, data collecting is a crucial component for any firm. 

This data may also be used to forecast current trends of certain 
parameters and impending occurrences. As our awareness 

increases, we have started the production and collection of 

extensive data on almost all subjects via the use of technology 
advancements in this area. Currently, we are confronted with an 

overwhelming influx of data from all facets of our lives, including 

social interactions, scientific endeavors, professional pursuits, and 
health matters [1]. The current circumstances may be likened to an 

inundation of data. Technological advancements have facilitated 

the generation of ever vast amounts of data, to the extent that it has 
become unmanageable with existing methods. This has resulted in 

the formulation of the phrase 'big data' to characterize data that is 

extensive and unwieldy. To address our current and future societal 
requirements, it is essential to design innovative ways for 

organizing this data and extracting significant information. A 

significant societal need is healthcare. Similar to other sectors, 
healthcare companies are generating data at an unprecedented 

pace, which poses several benefits and obstacles concurrently. This 

paper examines the fundamentals of big data, including its 

administration, analysis, and future possibilities, particularly 

within the healthcare industry. 
 Daily, individuals employed by many firms globally are 

producing a substantial volume of data. The phrase "digital 

universe" quantitatively characterizes the vast quantities of data 
generated, duplicated, and used during a single year. Prominent 

internet corporations, such as Facebook and Google, are gathering 

and retaining substantial volumes of data. For example, based on 
our selections, Google may retain various information such as user 

location, advertising preferences, application use, internet 

browsing history, contacts, bookmarks, emails, and other pertinent 
user-related data. Likewise, Facebook retains and examines around 

30 petabytes (PB) of user-generated data. Extensive quantities of 

data comprise 'big data'. In the last ten years, the IT sector has 
effectively used big data to provide essential information that may 

yield substantial money. These findings have grown so prominent 

that they have ultimately given rise to a new scientific discipline 
known as 'Data Science.' Data science encompasses several facets, 

particularly data administration and analysis, to derive profound 

insights for enhancing the operation or services of a system, such 
as healthcare and transportation systems [2,3]. Furthermore, the 

emergence of innovative and significant methods for visualizing 
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large data after analysis has facilitated the comprehension of 

complicated systems. As a significant portion of society becomes 

cognizant of and engaged in the creation of big data, it is essential 
to delineate the concept of big data. This paper aims to elucidate 

the influence of big data on the development of the global 

healthcare industry and its effects on our everyday lives [4]. 
The term 'big data' denotes substantial volumes of data 

that cannot be effectively managed using conventional software or 

internet-based systems. It exceeds the conventional levels of 
storage, processing, and analytical capacity. Although other 

definitions of big data exist, the most well recognized and accepted 

definition was provided by Douglas Laney. Laney noted that data 
was expanding in three distinct dimensions: volume, velocity, and 

variety, together referred to as the 3 Vs [5]. The term 'huge' in big 
data signifies its substantial volume. Besides volume, the 

characterization of big data also includes velocity and diversity. 

Velocity denotes the pace or rate of data acquisition and its 
subsequent accessibility for analysis, while variety refers to the 

many forms of structured and unstructured data that an 

organization or system may gather, including transaction-level 

data, video, audio, text, or log files. The three Vs have established 

the conventional definition of big data. While some have proposed 

additional Vs to this description, the most often recognized fourth 
V is 'veracity' [2]. 

The phrase "big data" has gained significant popularity 

worldwide in recent years. Nearly every research sector, whether 
industrial or academic, is producing and examining large data for 

diverse objectives. The most formidable problem with this huge 

collection of both structured and disorganized data is its 
administration. Considering that standard software is inadequate 

for managing huge data, there is a need for technologically 

enhanced applications and software capable of leveraging rapid 
and cost-effective high-performance computing for these activities 

[6]. The use of artificial intelligence (AI) algorithms and 

innovative fusion algorithms is essential for deriving insights from 
this extensive data set. Achieving automated decision-making via 

the adoption of machine learning technologies, such as neural 

networks and other artificial intelligence approaches, would be a 
significant accomplishment. Nevertheless, in the lack of suitable 

software and hardware support, huge data may be somewhat 

nebulous [7]. We must devise improved methodologies to manage 
this 'endless sea' of data and sophisticated web apps for effective 

analysis to get actionable insights. Utilizing appropriate storage 

and analysis methods, the information and insights obtained from 
big data may enhance the awareness, interactivity, and efficiency 

of essential social infrastructure elements and services, such as 

healthcare, safety, and transportation. Moreover, the presentation 
of large datasets in an accessible format will be essential for 

societal advancement. 

2. Healthcare as a substantial data store 

Healthcare is a multifaceted system designed exclusively for 

the avoidance, identification, and treatment of health-related 

conditions or disabilities in individuals. The primary elements of a 
healthcare system are healthcare personnel (such as doctors and 

nurses), healthcare facilities (including clinics and hospitals for the 

provision of medications and diagnostic or treatment technology), 
and a financial institution that supports the first two components. 

Health professionals are affiliated with several industries, 

including dentistry, healthcare, nursing, healthcare, psychology, 
physiotherapy, among others. Healthcare is necessary at various 

levels based on the severity of the problem. Professionals provide 

it as the first source of consultation (primary care), acute care 
necessitating experienced practitioners (supplementary care), 

extensive medical evaluation and treatment (tertiary care), and rare 

diagnostic or surgical interventions (quaternary care) [8,9]. At each 
of these levels, health practitioners are accountable for various 

types of information, including patients' medical histories 
(diagnostic and prescription-related data), medical and surgical 

data (such as imaging and laboratory test results), and other 

confidential personal medical information. Historically, the 
prevalent method for storing patient medical records used either 

written notes or written reports [4]. The outcomes of the medical 

examination were recorded in a paper filing system. This practice 
is ancient, with the first documented cases being in a papyrus 

manuscript from Egypt dating to 1600 BC. According to Stanley 

Reiser, clinical case records encapsulate the event of disease as a 

narrative in which the patient, family, and clinician are integral to 

the storyline. 
The emergence of computer systems and their capabilities 

has led to the digitization of all clinical examinations and medical 

records in healthcare systems, which has become a routine and 
generally embraced practice today. Electronic health records 

(EHR), as delineated by Murphy, Hanken, and Waters, are digital 

medical records encompassing any information pertaining to an 
individual's historical, current, or prospective physical or mental 

health status, maintained within electronic systems designed to 

capture, transmit, receive, store, retrieve, link, and manipulate 
multimedia data primarily for the provision of healthcare and 

health-related services [10]. 

3. Digital health records 

The National Institutes of Health (NIH) has recently unveiled 

the “All of Us” initiative, which seeks to gather data from over one 
million patients, including electronic health records, medical 

imaging, socio-behavioral, and environmental information in the 

coming years. Electronic Health Records (EHRs) have provided 

several benefits for managing contemporary healthcare data. 

Herein, we delineate some distinctive benefits of using electronic 

health records (EHRs) [11]. The primary benefit of EHRs is that 
healthcare practitioners have enhanced access to a patient's 

comprehensive medical history. The information includes medical 

diagnoses, medications, known allergies, demographic data, 
clinical narratives, and laboratory test results. The identification 

and management of medical disorders are thus time-efficient 

owing to a decrease in the delay of prior test findings. Over time, 
we have seen a substantial reduction in repetitive and extraneous 

tests, misplaced orders, and misunderstandings stemming from 

illegible handwriting, along with enhanced care coordination 
among various healthcare professionals. Addressing these 

logistical problems has resulted in a decrease in drug allergies by 

minimizing inaccuracies in prescription dosage and frequency. 
Healthcare practitioners have discovered that access to web-based 

and electronic platforms considerably enhances their medical 

practices via automated reminders and prompts about 
immunizations, aberrant laboratory results, cancer screenings, and 

other routine exams. Facilitating communication among various 

healthcare professionals and patients will enhance continuity of 
care and enable prompt interventions [12]. They might be linked to 

electronic permission and prompt insurance approvals owing to 

reduced paperwork. EHRs enhance rapid data retrieval and 
streamline the reporting of essential healthcare quality metrics to 

businesses, while also bolstering public health monitoring via 

prompt notification of disease outbreaks. Electronic Health 
Records (EHRs) provide pertinent data about the quality of 

treatment for beneficiaries of employee health insurance plans and 

assist in managing the escalating costs of health insurance 
coverage. Ultimately, EHRs may mitigate or completely eradicate 

delays and ambiguities in billing and claims handling. The 

integration of EHRs with the internet facilitates access to vast 
amounts of essential health-related medical information vital for 

patient care [13]. 

4. Digitalization of healthcare and extensive data analytics 

Analogous to EHR, an electronic medical record (EMR) 

retains the usual medical and clinical information collected from 

patients. Electronic Health Records (EHRs), Electronic Medical 
Records (EMRs), Personal Health Records (PHRs), Medical 

Practice Management software (MPM), and several other 

healthcare data elements combined possess the capacity to enhance 
the quality, efficiency, and cost-effectiveness of healthcare while 

simultaneously diminishing medical mistakes [14]. Big data in 

healthcare encompasses payer-provider data (including electronic 
medical records, pharmacy prescriptions, and insurance 

documentation), genomics-driven experiments (such as genotyping 
and gene expression data), and other data sourced from the Internet 

of Things (IoT) ecosystem (Figure 1). The adoption of electronic 

health records (EHRs) was initially sluggish at the beginning of the 
21st century; nevertheless, it has significantly increased since 2009 

[7, 8]. The administration and use of healthcare data has become 

more reliant on information technology. The advancement and use 
of wellness monitoring devices and associated software capable of 

generating warnings and transmitting patient health data to relevant 
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healthcare practitioners has accelerated, particularly in the 

establishment of a real-time biomedical and health monitoring 

system. These devices provide substantial data that may be 

evaluated to deliver real-time clinical or medical treatment [9]. The 

use of big data in healthcare has potential for enhancing health 
outcomes and managing expenses. 

 
Figure 1. Process of Big Data Analytics. 

5. Biomedical research using big data 

A biological system, like a human cell, demonstrates intricate 

interactions between molecular and physical phenomena. To 
comprehend the interdependencies of many components and 

events within a complex system, a biomedical or biological 

experiment often collects data on a smaller and/or simpler 
component [15,16]. Thus, it necessitates several simpler trials to 

create an extensive map of a certain biological phenomena of 

interest. This suggests that an increase in data enhances our 
comprehension of biological processes. This concept has led to the 

rapid advancement of contemporary procedures. One can envision 

the volume of data produced since the use of advanced 
technologies such as next-generation sequencing (NGS) and 

genome-wide association studies (GWAS) to elucidate human 

genetics. NGS-derived data offers insights at previously 
unattainable depths, elevating the experimental context to a whole 

new level. It has enhanced the resolution at which we witness, or 

document biological phenomena related to particular illnesses in 
real time [17]. The notion that substantial data volumes might 

provide significant insights typically obscured or overlooked by 

smaller experimental techniques has initiated the ‘-omics’ era. The 

'omics' field has seen considerable advancement, enabling 

scientists to analyze the whole 'genome' of an organism in 
'genomics' research rather of focusing on a single 'gene' over a 

specified timeframe. Likewise, rather than examining the 

expression or 'transcription' of an individual gene, we may now 
investigate the expression of all genes or the whole 'transcriptome' 

of an organism via 'transcriptomics' investigations. Each of these 

individual tests produces a substantial volume of data with 
unprecedented depth of information [18]. However, this depth and 

resolution may be inadequate to provide all the data necessary to 

elucidate a certain process or occurrence. Consequently, one often 
engages in the analysis of extensive data derived from various 

trials to get new insights. This assertion is corroborated by a 

consistent increase in the volume of papers pertaining to big data 
in healthcare. The analysis of extensive data from medical and 

healthcare systems may significantly aid in developing innovative 

solutions for healthcare. Recent advancements in data gathering, 
collecting, and analysis have heightened anticipation for a 

forthcoming revolution in customized medicine [19]. 

Next-generation sequencing (NGS) has significantly 
streamlined the sequencing process and reduced the expenses 

associated with obtaining whole genome sequence data. The cost 

of comprehensive genome sequencing has decreased from millions 
to few thousand dollars [10]. Next-generation sequencing 

technology has led to a substantial rise in the number of 

biomedical data derived from genomic and transcriptomic 
research. It is estimated that the number of sequenced human 

genomes by 2025 may range from 100 million to 2 billion [11]. 

Integrating genetic and transcriptome data with proteome and 
metabolomic information significantly augments our 

understanding of a patient's unique profile—an approach 

sometimes referred to as "individualized, personalized, or precision 
health care." A systematic and integrated examination of omics 

data, in conjunction with healthcare analytics, may facilitate the 

development of improved treatment options for precision and 
customized medicine (Figure 2). Genomics-driven research, such 

as genotyping, gene expression analysis, and next-generation 

sequencing investigations, provide a primary source of big data in 

biological healthcare, alongside electronic medical records, 

pharmacy prescription data, and insurance documentation. 

Healthcare necessitates robust integration of biological data from 

many sources to enhance therapies and patient care. The potential 
of these possibilities is so compelling that, despite the many 

variations in patient genetic data, commercial businesses are 

already using human genome information to assist doctors in 
making tailored medical choices. This might potentially 

revolutionize future medicine and wellness [20,21]. 

 
Figure 2. A platform for the integration of omics data with 
healthcare analytics to enhance tailored therapy. 

The healthcare business has been slower to react to the 

big data trend than other sectors. Consequently, the use of big data 
in the healthcare industry remains nascent. Healthcare and 

biomedical big data have yet to combine to augment healthcare 

data with molecular pathology. This convergence may elucidate 
numerous modes of action or other facets of predictive biology. 

Consequently, to evaluate an individual's health condition, 

biomolecular and clinical records must be integrated. A significant 
source of clinical data in healthcare is the 'internet of things' (IoT) 

[22]. 

Indeed, the Internet of Things (IoT) is a significant 
contributor used throughout several sectors, including healthcare. 

Until recently, commonplace goods such as automobiles, 

timepieces, refrigeration units, and health-monitoring gadgets often 
did not generate or process data and were devoid of internet access. 

Nevertheless, equipping these devices with microchips and sensors 

that facilitate data gathering and transfer over the internet has 
created new opportunities [23]. Technologies such as Radio 

Frequency Identification (RFID) tags and readers, together with 

Near Field Communication (NFC) devices, which can both collect 
information and facilitate physical interaction, are being used more 

often as information and communication systems. This facilitates 

communication among items equipped with RFID or NFC, 
allowing them to operate as an interconnected network of 

intelligent devices. The study of data gathered from these chips or 

sensors may provide vital information that might enhance lifestyle, 
implement energy saving strategies, optimize transportation, and 

advance healthcare. The Internet of Things (IoT) has emerged as a 

significant trend in healthcare. IoT devices provide a constant flow 
of data while monitoring individuals' health, positioning them as 

significant contributors to big data in healthcare. These resources 

may link several technologies to provide a dependable, efficient, 
and intelligent healthcare service for the elderly and those with 

chronic illnesses [12]. 

6. Benefits of IoT in healthcare 

Through the network of IoT devices, a physician may assess 

and track numerous metrics from their patients in specific places, 

such as home or office. Consequently, with early intervention and 
treatment, a patient may avoid hospitalization or even a doctor's 

visit, leading to substantial reductions in healthcare costs. [24] 
Examples of IoT gadgets used in healthcare include fitness or 

health-tracking wearables, biosensors, clinical apparatus for 

monitoring vital signs, and various other clinical equipment. These 
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IoT devices produce a substantial volume of health-related data. 

Integrating this data with current healthcare information such as 

EMRs or PHRs enables the prediction of a patient's health 
condition and its development from subclinical to pathological 

states [9]. The substantial data produced by IoT has proven very 

beneficial in several domains by enabling enhanced analysis and 
forecasting. On a broader scale, data from such devices may assist 

in personnel health monitoring, modeling disease transmission, and 

identifying methods to limit specific disease outbreaks [25]. 
The analysis of IoT data necessitates updated operating 

software due to its specialized nature, as well as improved 

hardware and software applications. We must oversee real-time 
data influx from IoT devices and conduct minute-by-minute 

analysis. Healthcare associates are endeavoring to save costs and 
enhance treatment quality by using sophisticated analytics on both 

internally and outside sourced data [26]. 

7. Mobile health (mHealth) and mobile computing 

In the contemporary digital landscape, individuals seem to be 

fixated on monitoring their fitness and health metrics via the 

integrated pedometers of their portable and wearable gadgets, 

including smartphones, smartwatches, fitness trackers, and tablets. 

The healthcare infrastructure requires restructuring to accept 

mobile devices, given the growing mobility in almost all facets of 
society. The use of mobile devices in the fields of medical and 

public health, referred to as mHealth or mobile health, significantly 

influences several aspects of healthcare, particularly concerning 
chronic illnesses like diabetes and cancer [27]. Healthcare 

companies are progressively using mobile health and wellness 

services to create fresh and inventive methods for delivering 
treatment and coordinating health and wellbeing. Mobile platforms 

may enhance healthcare by expediting interactive contact between 

patients and healthcare professionals. Apple and Google have 
created dedicated platforms such as Apple’s ResearchKit and 

Google Fit for the development of research apps pertaining to 

fitness and health metrics. These programs provide effortless 
interaction with diverse consumer gadgets and embedded sensors 

for data integration. These applications provide physicians with 

instant access to your comprehensive health information. Both the 
user and their physicians are informed of the real-time condition of 

the body. These applications and intelligent gadgets enhance our 

wellness strategies and promote healthy living. Individuals may 
become advocates for their own health [28,29]. 

8. The characteristics of big data in healthcare 

Electronic Health Records provide sophisticated analytics 
and enhance clinical decision-making by supplying vast amounts 

of data. A significant percentage of this data is now unorganized. 

Unstructured data refers to information that does not conform to a 
predetermined model or organizational structure. This preference 

may be attributed to the ability to record it in several forms. 

Another rationale for using an unstructured format is that 
structured input choices, such as drop-down menus, radio buttons, 

and checkboxes, sometimes prove inadequate for collecting 

complicated data [30-33]. For instance, we can only document 
non-standard data about a patient's clinical suspicions, 

socioeconomic information, patient preferences, significant 

lifestyle characteristics, and other pertinent details in an 
unstructured manner. It is challenging to categorize diverse but 

essential information sources into an intelligible or cohesive data 

structure for subsequent algorithmic analysis to enhance patient 
care. Nevertheless, the healthcare sector must use the 

comprehensive potential of these many information streams to 

improve the patient experience. In the healthcare industry, it may 
manifest as improved management, enhanced care, and cost-

effective therapies. We are very distant from effectively grasping 

the advantages of big data and using the insights it provides. To 
attain these objectives, it is essential to systematically manage and 

analyze the large datasets [34]. 

9. Administration and examination of large data sets 

Big data refers to the extensive volumes of diverse data 

produced at a fast pace. The data collected from many sources is 
mostly necessary for enhancing consumer services rather than for 

customer consumption. This also applies to extensive data from 

biomedical research and healthcare. The primary problem 
associated with big data is managing the substantial amount of 

information [35]. For accessibility to the scientific community, the 

data must be kept in a file format that is readily accessible and 

comprehensible for effective analysis. Within the realm of 

healthcare data, a significant difficulty is the integration of 
advanced computing tools, protocols, and sophisticated hardware 

in clinical environments. Collaboration among experts from 

several fields like as biology, information technology, statistics, 
and mathematics is essential to accomplish this objective. The data 

gathered by the sensors may be stored on a cloud platform 

equipped with pre-installed software tools created by analytics 
developers [36,37]. These tools will include data mining and 

machine learning functionalities designed by AI specialists to 

transform stored data into knowledge. The adoption would 
improve the efficiency of gathering, storing, analyzing, and 

visualizing big data in healthcare. The primary objective is to 
annotate, integrate, and display this intricate material effectively 

for enhanced comprehension. In the lack of pertinent information, 

the healthcare data stays ambiguous and may not advance the 
efforts of biomedical researchers. Ultimately, visualization tools 

created by computer graphics designers may effectively present 

this newly acquired information [38]. 

The heterogeneity of data is an additional hurdle in big data 

analysis. The substantial volume and significant heterogeneity of 

big data in healthcare make it comparatively less useful when 
using traditional tools. The predominant platforms for executing 

the software framework that facilitates big data analysis are high-

performance computing clusters accessible via grid computing 
infrastructures [39]. Cloud computing is a system that utilizes 

virtualized storage technologies and delivers dependable services. 

It provides exceptional dependability, scalability, and autonomy, in 
addition to ubiquitous access, dynamic resource discovery, and 

composability. These platforms may function as data receivers 

from pervasive sensors, as computational systems for data analysis 
and interpretation, and as providers of user-friendly web-based 

visualizations. In IoT, big data processing and analytics may occur 

nearer to the data source using mobile edge computing cloudlets 
and fog computing services. Advanced algorithms are necessary 

for the implementation of machine learning and artificial 

intelligence methodologies in large data analysis on computer 
clusters. A programming language appropriate for big data 

applications may be used to develop such algorithms or software. 

Consequently, a robust understanding of biology and information 
technology is essential for managing the extensive data generated 

by biomedical research. This combination of both trades is often 

suitable for bioinformaticians [40-43].  

10. Challenges related to healthcare big data 

Techniques for managing and analyzing big data are always 

evolving, particularly for real-time data streaming, capture, 
aggregation, analytics (utilizing machine learning and predictive 

models), and visualization solutions that enhance the integration 

and usage of electronic medical records within healthcare. The 
adoption rate of federally tested and approved EHR systems in the 

healthcare industry is practically total [7]. The existence of several 

government-certified EHR solutions, each with distinct clinical 
terminologies, technical requirements, and functional capabilities, 

has resulted in challenges with interoperability and data exchange. 

Nevertheless, it is accurate to assert that the healthcare sector has 
transitioned into a 'post-EMR' implementation phase. The primary 

purpose is to extract relevant insights from the extensive data 

amassed as electronic medical records (EMRs) [44-47].  

11. Conclusions  
Big data analytics is revolutionizing the healthcare industry 

by providing insights into procedural, technological, and medicinal 
improvements. The analysis of big data from various medical 

instruments, such as genomics, mobile biometric sensors, and 

smartphone applications, is enhancing the prognostic framework 
and improving patient-specific medical specialties. Companies 

offering healthcare analytics and clinical transformation services 
aim to minimize analytics costs, create efficient Clinical Decision 

Support (CDS) systems, offer platforms for enhanced treatment 

techniques, and detect and mitigate fraud related to big data. 
Despite challenges in federal matters such as managing, sharing, 

and safeguarding private data, the integration of big data analytics 

into healthcare and therapeutic procedures has led to improved 
prognosis, assessment, and management of many illnesses. 

Researchers are exploring biomedical big data to derive fresh and 
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practical insights to enhance current healthcare services, despite 

facing infrastructural hurdles. 

The transition to a unified data ecosystem is a recognized 

challenge, but the theory of big data suggests that an abundance of 

information yields greater insights and facilitates predictions about 
future occurrences. The exponential increase of medical data from 

various fields has compelled computational specialists to develop 

creative methods for analyzing and interpreting this vast amount of 
data. Innovative techniques and technologies must be devised to 

understand the type, complexity, and volume of data to extract 

significant information. The fundamental advantage of big data is 
its boundless potential, and it has led to significant progress in the 

healthcare industry, including medical data management and drug 

development initiatives for complex human illnesses like cancer 
and neurological disorders. 

Big data will enhance and strengthen the current pipeline of 

healthcare innovations, rather than replace qualified personnel, 
subject matter experts, and intellectuals. In the next year, big data 

analytics is expected to progress towards a predictive framework, 

forecasting future health outcomes based on current or existing 

data. 
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