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Abstract

Machine Translation (MT) has seen rapid advancements due to progress in neural sciences and
Large Language Models (LLMs). While human translation remains highly competitive across
many language pairs, especially those that are linguistically and culturally close like English
and Spanish (Moslem et al., 2023), the situation between English and Arabic requires further
exploration. This study investigates the performance of Neural Machine Translation (NMT)
represented by Google Translate, LLMs represented by ChatGPT, and human translation in
translating English texts into Arabic across four genres: general, literary, scientific, and media.
Human evaluations were used to measure translation quality based on accuracy, fluency, style,
cultural suitability, and terminology. The results indicate that human translation is the most
accurate, especially in capturing cultural and contextual nuances. ChatGPT, when used with
detailed prompts, often outperforms both Google Translate and ChatGPT with simple prompts,
particularly in literary and media genres. On the contrary, Google Translate performs the worst
overall, especially with scientific and general texts, due to issues like word confusion and
cultural inaccuracies. These results offer practical insights for translation educators,
professionals, and students on effectively integrating MT tools while appreciating the
irreplaceable value of human translators.

Keywords: ChatGPT, Google Translate, human translation, Machine Translation, translation
quality evaluation

1. Introduction

MT refers to using computer algorithms to convert text from one language to another (Hutchins
and Somers, 1992). These algorithms have evolved over time. Rule-Based Machine Translation
(RBMT) relies on linguistic rules and dictionaries but requires extensive manual setup and
lacks flexibility (Okpor, 2014). Statistical Machine Translation (SMT) uses probabilistic
models built from large corpora to align words and phrases; however, its effectiveness depends
on data quality, and it struggles with complex phrases (Hearne and Way, 2011). Neural
Machine Translation employs deep learning and neural networks to analyze the meaning of the
source text, focusing on important parts using attention mechanisms to create accurate and
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context-aware translations (Bahdanau et al., 2014; Zong, 2018). While NMT generally
outperforms SMT, both approaches can be combined in Hybrid Machine Translation (HMT)
for improved results (Bahdanau et al., 2014). Example-Based Machine Translation (EBMT)
uses previous translations to enhance accuracy but may struggle with unfamiliar texts
(Hutchins, 2005).

Recent advancements in LLMs, such as ChatGPT, Gemini, Claude, Copilot, and Mistral Al,
have significantly improved MT capabilities, even though these models were not specifically
designed for translation. With the development of NMT and LLMs, MT has become widely
used for standard or technical translations, particularly in contexts with minimal cultural
nuance. Platforms like Amazon and social media sites such as Facebook and X rely on MT for
localization and user interactions across languages. However, for texts rich in cultural or
context-specific content, human translators may still be preferred, such as for legal documents,
literary works, or marketing materials tailored for local markets. Even in these cases, translators
often start with machine-generated translations and refine them for accuracy and cultural
suitability.

Google Translate, launched in 2006 as an SMT tool, transitioned to the Google Neural Machine
Translation (GNMT) engine in 2016. This upgrade improved its ability to understand context,
extract relevant information, and infer meanings, significantly enhancing translation accuracy
through deep learning techniques. Consequently, it began producing higher-quality
translations. Human evaluations showed that the new system reduced errors by nearly 60%
(Ducar and Schocket, 2018). The quality of translations varies considerably between language
pairs. Languages with extensive data, such as English, Spanish, and French, benefit from more
accurate and context-aware translations. In contrast, languages or dialects with fewer available
resources tend to have lower translation quality (Aiken, 2019; Khoong et al., 2019; Taira et al.,
2021). This is likely why Google Translate allows users to provide feedback by rating
translations and suggesting edits, which may contribute to improving accuracy and lead to more
reliable results over time. By June 2024, Google Translate supported translations in over 243
languages and varieties, making it one of the most widely used translation tools globally
(Caswell, 2024).

ChatGPT, introduced in 2022 and now available in its latest version (ChatGPT-40), is based
on OpenAl’s LLM technology. This pre-trained Al model is designed for natural language
interactions and utilizes advanced methods from Natural Language Processing (NLP),
Supervised Learning, and Reinforcement Learning to generate text that closely resembles
human writing (Roumeliotis and Tselikas, 2023). Pre-training on extensive text data equips
LLMs (e.g., ChatGPT) to grasp language nuances and generate accurate responses, even in
complex or ambiguous contexts (Radford et al., 2019). Although ChatGPT is not specifically
designed for translation, it is often used for translation between languages and language
varieties. By using carefully crafted prompts, such as providing context or specifying the tone
and style, ChatGPT can produce more accurate and relevant translations. This approach helps
ChatGPT apply its pre-trained knowledge effectively to various translation needs (Ganem,
2024; Nagi et al., 2024). Similar to Google Translate, ChatGPT’s translation quality varies by
language pair. It provides more accurate translations for languages with extensive data, like
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English and Spanish, but may be less reliable for languages with fewer resources (Ganem,
2024).

Comparing Google Translate and ChatGPT allows users to understand their strengths and
limitations, helping them choose the most appropriate tool for their translation needs. Also,
comparing MT to professional human translations—which are often more accurate and
coherent for complex texts—is crucial. It is hypothesized that this comparison highlights areas
where MT performs well and where it still falls short.

2. Objectives and research questions

This study compares MT tools—Google Translate (NMT) and ChatGPT (LLMs)—with human
translation across various text types: general, literary, scientific, and media. These categories
include the most frequently translated content from English into Arabic. Based on this
background, the study aims to address the following questions:

1. How do Google Translate and ChatGPT perform in comparison to human translation
across different text types (general, literary, scientific, and media) when translating
from English into Arabic?

2. What are the strengths and weaknesses of Google Translate and ChatGPT compared to
human translation for general, literary, scientific, and media texts?

3. Does varying the prompts enhance translation quality in ChatGPT?

3. Literature Review

3.1. Comparative performance of LLMs, NMT, and human translation

Research on using LLMs as MT tools is limited due to their recent adoption for this purpose.
However, the inconsistent results when comparing LLMs to NMT tools in MT are noteworthy.
In some instances, LLMs have shown better performance than NMT tools. For example,
Alkhawaja (2024) compared ChatGPT and Google Translate in translating 1,000 English
sentences sourced from Tatoeba, a collaborative online database of sentences and translations,
into Arabic and found that ChatGPT performed slightly better than Google Translate.
Similarly, Aldawsari (2024) found that Bing Al Chat outperformed both Google Translate and
Bing Translator when translating Arabic colloquial expressions. Conversely, Banimelhem and
Amayreh (2023) evaluated ChatGPT’s English-to-Arabic translation against fifteen
commercial MT systems, including Google Translate, and concluded that ChatGPT’s
performance on 100 English sentences from a standardized dataset was inferior to the other
systems.

The quality of LLMs translations can vary greatly across different tools when applied to the
same dataset. Algobaei et al. (2024) evaluated the translation of gender-sensitive terms by
ChatGPT and Gemini, finding that Gemini outperformed ChatGPT. Comparisons often
indicate that human translation surpasses LLMs in quality due to greater cultural sensitivity
and contextual understanding. For example, Alkhawaja (2024) found that while ChatGPT
slightly outperformed Google Translate, human translators surpassed both. Similarly, Moneus
and Saharib (2024) compared the translations of legal contracts from English to Arabic
performed by human translators and various LLMs. They concluded that while LLMs offer
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quicker and lower-cost solutions, they often lack the cultural and contextual accuracy essential
for legal documents.

Despite significant improvements since its transition from SMT to NMT in 2016, Google
Translate has faced various criticisms, particularly regarding its effectiveness. It struggles with
Arabic lexical ambiguity, including issues with homonyms and polysemies, which negatively
affects translation quality (Aldawsari, 2023). It also frequently makes errors, especially when
translating relative clauses from English into Arabic (Nagi, 2023). The tool also translates
idioms word-for-word and renders colloquial Arabic based on words that look similar in
Standard Arabic, leading to inaccuracies (Al-Sabbagh, 2024). Google Translate was also found
to lack adherence to key legal norms, failing to effectively handle passivization, modality,
collocations, and doublets, thus reducing the legal accuracy and quality of its translations
compared to human translation (Mohamed, 2023). Earlier, Daniele (2019) quantitatively
evaluated Google Translate’s error rate in translating medical texts from English to Italian,
identifying an overall error rate of 15%.

The cultural aspect of MT presents significant challenges, particularly in preserving the
nuances of literary and idiomatic content. Alowedi and Al-Ahdal (2023) observed that MT
tools often fail to preserve the cultural and lyrical elements of Arabic poetry. Similarly, Al-
Kaabi et al. (2024) evaluated ChatGPT and Google Translate’s ability to convey cultural
meanings in Naguib Mahfouz’s Zugdq al-Midagqq and found that, although ChatGPT
performed better, it still did not reach the quality of human translation in preserving cultural
nuances. El-Saadany (2024) examined ChatGPT’s translation of Arabic proverbs into English,
highlighting its difficulty in maintaining original cultural meanings. Likewise, Al-Khresheh
and Almaaytah (2018) noted Google Translate’s limitations with English proverbs, attributing
inaccuracies to issues like word ambiguity and structural differences. Taleghani and Pazouki
(2018) also found that various online MT tools produced poor translations of English idioms
and phrasal verbs into Persian, often missing essential cultural context.

3.2. Translation quality evaluation

Translation quality evaluation has been a debated topic for a long time, with many different
opinions and methods offered by scholars in the field. Many of these perspectives have relied
on vague and impressionistic criteria, which can lead to inconsistent evaluations of translations.
Al-Qinai (2000) offers a critical analysis of these earlier models, highlighting their reliance on
subjective evaluations that often lack clarity and precision. He points out that such approaches
fail to provide a comprehensive understanding of translation quality, as they do not adequately
consider the complexities involved in the translator’s decision-making process.

In response to these limitations, Al-Qinai (2000) draws upon the foundational work of notable
scholars, including Newmark (1988), Hatim and Mason (1990), and House (1981), to develop
a more robust framework for evaluating translation quality. His multi-dimensional model
moves beyond the impressionistic evaluations that have characterized much of the previous
discourse. Instead, it emphasizes a systematic evaluation process that incorporates specific
criteria across three key dimensions: textual, linguistic, and pragmatic, including:

o Textual typology involves analyzing the function and type of the text.
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o Formal correspondence facilitates the comparison of structural elements like sentence
length and paragraph formatting.

o Coherence focuses on the logical progression of information, particularly in managing
thematic structures during translation.

o Cohesion ensures clarity by effectively using conjunctions, pronouns, and repetition.

e Lexical properties evaluate the accuracy of word choices, including the translation of
idioms, metaphors, and culturally specific expressions.

o Syntactic equivalence guarantees the preservation of sentence structure and word order
without distorting meaning.

e Pragmatic equivalence evaluates whether the translation produces a similar effect on
the target audience, taking into account cultural nuances and the intended purpose of
specific expressions.

4. Methodology

To address the research questions, a questionnaire was created featuring four texts representing
the text types under investigation: a general text (215 words) from Said’s 1981 Covering Islam,
a literary text (219 words) from Morpurgo’s 1999 children novel Kensuke’s Kingdom, a
scientific text (220 words) from Suppakittpaisarn et al. (2019), and a media text (143 words)
from BBC (Yousif, 2024a). Three highly educated native English speakers were asked to
evaluate these texts as complete texts. They reached a consensus that the texts were well-
structured, with coherent and comprehensible content. Several texts were replaced to ensure
that the final selection consisted of concise texts conveying complete and clear ideas.

The questionnaire (Appendix 1) involved evaluating four translations of each text. The first
was done by Google Translate, the second and third by the free version of ChatGPT 40—the
second using the simple prompt “Translate the following text from English into Arabic” and
the third using detailed prompts (see Table 1 for the prompts). The fourth is a human
translation, with the general text translated by Muhammad Enani' (Said, 2022), the literary text
also by Muhammad Enani (Morpurgo, 2023), the scientific text by the author, and the media
text by BBC Arabic (Yousif, 2024b).

Research shows that prompt quality directly affects output quality, with specific prompts
improving results (Giray, 2023). Although prompt engineering remains relatively unexplored
in translation studies, several effective strategies have emerged. Jiao et al. (2023) introduced
the pivot strategy, which involves translating into a high-resource language before the target
language, leading to significant improvements. Gao et al. (2023) found that incorporating task
details, domain context, or part-of-speech tags in prompts enhances ChatGPT’s translation
performance. Delta (2024) expanded on this by incorporating persona and tone into the
prompts. Gu (2023) demonstrated that linguistically informed prompts can increase translation
accuracy by over 35%. Guided by Gao et al. (2023) and Delta (2024), the third translation of
each text was completed using ChatGPT 40 with detailed prompts (henceforth ChatGPT-D)

! Muhammad Enani is a prominent Egyptian scholar and translator known for his contributions to translation
studies, particularly in translating Arabic and English. He is recognized for his translations of Arabic literature
and his academic work on translation theory, focusing on the challenges of translating cultural and literary texts.
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provided in Table 1. These prompts included specifications for the task, persona, context, and
tone, allowing for a comparison with the second translation, which was generated using a
simpler, task-only prompt (henceforth ChatGPT-S).

Ten translation specialists, all native Arabic speakers and experts in English-Arabic translation,
were approached to serve as human evaluators for the questionnaire. While automatic metrics
of translation evaluation, such as Bilingual Evaluation Understudy (BLEU)?, Character n-gram
F-score (chrF)*, and Translation Edit Rate or Translation Error Rate (TER)*, provide quick
evaluations, they often fall short in capturing the nuanced aspects of translation quality,
including fluency, cultural context, and meaning preservation (Son and Kim, 2023). These
metrics primarily measure text similarity at a superficial level, conflating fluency with content
accuracy (Jiang and Zhang, 2024). In contrast, human evaluations take into account a broader
range of factors, such as the intended audience, cultural sensitivity, translation norms,
coherence, and practicality. As a result, human evaluation is considered the most reliable
method for evaluating translation quality (Papineni et al., 2022). For this reason, the current
study employed professional translators as human evaluators. To avoid bias, evaluators were
kept unaware of which translations were generated by Google, ChatGPT, or human translators.

The questionnaire used to evaluate translation quality is based on the systematic criteria
described in Al-Qinai’s (2000) model, explained in Section 3.2 above. It evaluates translations
in five key areas that match his framework: accuracy in expressing the meaning of the source
text, clarity and ease of understanding, matching the original style and tone, cultural suitability
for the target audience, and correct use of specialized terms. Evaluators answered the
questionnaire using a 5-point Likert scale, from ‘Completely 5’ to ‘Not at all 1’ for each
translation. They were also encouraged to give extra comments, allowing for more detailed
feedback, which helped to enrich the analysis of the results.

Table 1. Prompts utilized in ChatGPT

Text ChatGPT-S ChatGPT-D

As a translator specializing in English-to-Arabic general translation,
translate the following extract from Edward Said’s 1981 book Covering
Islam into Modern Standard Arabic. Ensure the translation is accurate,
Translate the culturally appropriate, and suitable for an Arabic-speaking audience in
Text 1: General | following text the Middle East. Maintain the tone and style of the original text while
into Arabic adjusting the language to be appropriate and engaging for a general
audience. Pay attention to consistency in key terms, especially names
and recurring concepts, and restructure the syntax where necessary to
ensure clarity and a natural flow in Arabic. Avoid overly literal
translations, focusing instead on creating a smooth and coherent text.

2 BLEU is a metric for automatically evaluating MT output by measuring its similarity to a set of high-quality
reference translations using n-gram precision. The BLEU score ranges from 0 to 1, where 0 indicates no overlap
(low quality) and 1 indicates perfect overlap (high quality) between the machine-generated translation and the
references (Papineni et al., 2022).

3 chrF is an MT evaluation metric that measures the overlap of character sequences (n-grams) between a machine
translation and a reference. It is less affected by word splitting and gives partial credit for partly correct words
(Popovi¢, 2015).

4 TER is an automatic evaluation metric for MT that measures the number of edits needed to modify a machine
translation output to match a reference translation (Snover et al., 2006).
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Use clear and simple language, refraining from technical or specialized
terminology unless necessary for the meaning of the text.

Text 2:
Literary

Translate the
following text
into Arabic

As a translator specializing in English-to-Arabic literary translation,
translate the following extract from Morpurgo’s 1999 children’s novel
Kensuke’s Kingdom into Modern Standard Arabic. Ensure the
translation is accurate, culturally appropriate, and suitable for a young
audience in the Middle East. Maintain the tone and style of the original
text while adjusting the language to be age-appropriate and easy to read.
Pay attention to consistency in key terms, particularly names and

recurring concepts, and restructure the syntax where necessary to ensure
clarity and a natural flow in Arabic, avoiding awkward or overly literal
translations. Focus on creating a smooth, engaging, and accessible text
for children, using simple language without resorting to technical or
specialized terminology unless required by the narrative.

As a translator specializing in English-to-Arabic academic translation,
translate the following abstract from an academic paper titled
“Preferences for Green Infrastructure and Green Stormwater
Infrastructure in Urban Landscapes: Differences between Designers and
Laypeople” into Modern Standard Arabic. Ensure the translation is
accurate, culturally appropriate, and suitable for an Arabic-speaking
academic audience in the Middle East. Maintain the formal tone and
academic style of the original text, ensuring that key technical terms,
particularly those related to urban planning and green infrastructure, are
translated consistently and precisely. Restructure the syntax where
necessary to ensure clarity and a natural flow in Arabic, avoiding overly
literal translations. Focus on delivering a coherent and well-structured
abstract that adheres to the conventions of Arabic academic writing.

As a translator specializing in English-to-Arabic news translation,
translate the following news article from BBC into Modern Standard
Arabic. Ensure the translation is accurate, culturally appropriate, and
suitable for an Arabic-speaking audience in the Middle East. Maintain
the objective tone and journalistic style of the original text, ensuring
consistency in key terms, particularly names and places, while
restructuring the syntax where necessary for clarity and natural flow in
Arabic. Avoid overly literal translations, focusing on delivering a
smooth and engaging news piece that adheres to Arabic journalistic
standards.

Translate the
following text
into Arabic

Text 3:
Scientific

Translate the
following text
into Arabic

Text 4: Media

5. Results

The ratings given by the evaluators are summarized in Table 2 and shown visually in Figure 1
(Appendix 2). Overall, human translation consistently achieves the best scores across all text
types. ChatGPT with detailed prompts performs very well, almost reaching the level of human
translation, especially for literary and media texts. ChatGPT with simple prompts performs
moderately, generally doing better than Google Translate, particularly in general and media
texts. Google Translate has the weakest performance overall, struggling with fluency, cultural
suitability, and style, especially in scientific and general texts.

General text

Google Translate scores the lowest with an average of 3.12, performing well in accuracy and
fluency but struggling with style and cultural suitability. ChatGPT with a simple prompt scores
3.4, showing improvements in fluency and accuracy. With a detailed prompt, ChatGPT scores
3.9, excelling in accuracy and terminology. Human translation is the best, with an average of
4.46, excelling in fluency, style, and cultural suitability.
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Literary text

Google Translate achieves an average of 3.66, with good results in fluency and style, but it
struggles with cultural context. ChatGPT with simple prompts scores 3.7, showing good
fluency and style, but it still has some difficulties with cultural elements. ChatGPT with
detailed prompts scores 4.1 on average, with strong performance in accuracy and fluency.
Human translation is the best, scoring 4.3, especially excelling in culture and terminology.

Table 2. Averages of the evaluators’ ratings based on the text type, translation method, and
evaluation dimensions

Evaluation dimensions

Translation
Text type methods Accuracy Fluency S'tlégfle& sg:::ltll)l;ily Terminology Average
Google Translate 3.2 3.3 2.8 3.2 3.1 3.12
General ChatGPT -S 3.5 3.6 34 3.2 33 34
ChatGPT-D 4 4 3.7 3.8 4 39
Human translation 4.4 4.6 4 4.8 4.5 4.46
Google Translate 3.8 3.9 3.9 3.3 34 3.66
Literary ChatGPT -S 39 3.8 4 34 34 3.7
ChatGPT-D 4.1 4.3 4.2 4 3.9 4.1
Human translation 4.3 4.5 4.1 4.4 4.2 4.3
Google Translate 3 2.6 3.2 2.7 2.9 2.88
Scientific ChatGPT -S 34 3.2 34 3.1 3.1 3.24
ChatGPT-D 4.1 4.3 3.7 4 3.6 3.94
Human translation 4.3 4.6 3.7 4.5 4.1 4.24
Google Translate 4 3.9 3.7 3.1 3.3 3.6
Media ChatGPT -S 4.2 4.2 39 39 3.8 4
ChatGPT-D 4.3 4.3 3.8 3.8 3.9 4.02
Human translation 4.6 4.8 3.6 4.7 4.4 4.42
4 )
- Google Trans]ate
= ChatGP'T -
g ChatG P /T -
© Hum an tran s ation 15—
- Google Tran:s] at e
E ChatGPT - S
= ChatG P'T -
= Hum an tran s ation 15—
t.% Google Tran:s]ate
'g ChatGPT - S
g ChatG P /T -]
“2 Human trans ]2t o1 15—
G0o0ogle T'ran:s] e
-_E ChatGPT - S
g ChatG P T -1
TH um an tr-an:s]a ti o 15—
Averages
L 0 0.5 1 1.5 2 2.5 3 3.5 4 4.5 5/
Figure 1. Averages of the evaluators’ ratings based on text type and translation method
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Scientific text

Google Translate scores the lowest, with an average of 2.88, and it struggles particularly with
fluency and cultural suitability. ChatGPT with simple prompts performs better, with an average
of 3.24, while ChatGPT with detailed prompts scores much higher, averaging 3.94, performing
especially well in fluency and accuracy. Human translation has the highest score, averaging
4.24, excelling in fluency and cultural suitability.

Media text

Google Translate scores 3.6, with strong fluency and accuracy but struggling with cultural
suitability. ChatGPT with simple prompts scores 4 on average, excelling in fluency and
accuracy. ChatGPT with detailed prompts performs slightly better, scoring 4.02 on average,
and showing consistent performance across all areas. Human translation scores the highest with
an average of 4.42, especially excelling in fluency and cultural suitability.

6. Discussion
6.1. Google Translate versus ChatGPT

Google Translate relies on a sequence-to-sequence NMT model (Martin, 2024), which may be
less effective at capturing subtle meanings and context. In contrast, ChatGPT, as an LLM
model, was trained on a wide range of texts, enabling it to handle diverse language uses (e.g.,
slang, idiomatic expressions, and complex sentence structures) and giving it an advantage in
understanding context (Roumeliotis and Tselikas, 2023). ChatGPT also processes texts more
holistically using its generative GPT architecture, which provides greater flexibility and
accuracy, particularly in maintaining context across longer or more complex texts (Chen et al.,
2024). ChatGPT also demonstrates stronger cultural suitability, enabling it to better interpret
idiomatic expressions, jokes, and cultural references (Abu-Rayyash, 2024). Table 3 provides
an example from the general text, alongside translations by Google Translate and ChatGPT,
using both simple and detailed prompts.

Table 3. An example from the translations of the general text by Google Translate and
ChatGPT

Source Text Google Translate ChatGPT-S ChatGPT-D

It was enough for “these WSyl s 52 9l 08y V5a‘ el O G3E Oy sa yala of 4S5 O
men” to appear as they ey caall § lgyeb chsuall § 19,40 WSyl Do) eadali Lﬁ’dlq-jl
have in newspapers and S L6 g3l olals Ao linall yrid Ogo3alilly  Ogu3alilly Caall § (o)l
on television for O3S Ogamlaall yady el e gser (oYl il (o ses 19 ned)
American viewers to feel Loty Cansdl (e e REPS eLily g3ly sl
a combination of anger, el

resentment, and fear.

As with the Google Translate version, the structure of the ¢S sentence is preserved, beginning
with o< followed by its subject Jix)Jl s¥3a )s¢l, and then its predicate Lés. However, attaching
the subordinate clause Og3eldl wlals Jey camall § 19,45 WS to the subject makes the entire
structure awkward. This is especially true with the redundant word wlsls, which is unnecessary
about television. Compared to this awkward structure, the two translations by ChatGPT are
much smoother while effectively conveying the same message. In particular, the third
translation, generated using a detailed prompt designed to produce a fluid, engaging text in a
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culturally appropriate style (see Table 1), employs the modulation strategy by foregrounding
“American viewers.” This adjustment enhances the cohesion of the translation, making it more
natural and aligned with Arabic stylistic norms.

6.2. ChatGPT: Simple prompts vs. detailed prompts

Using detailed prompts with ChatGPT has shown significant improvements compared to
simpler prompts, highlighting how the quality of input affects the translation results (Gu, 2023).
Providing more specific instructions helps the model meet translation goals more effectively,
including considering cultural and stylistic details (Gao et al. 2023). For texts that require
precision, such as scientific and literary works, this approach allows ChatGPT to manage
terminology and tone better, improving the translation’s accuracy and making it closer to
human-level performance (Delta, 2024). This is shown by the higher ratings given to the
translations created with detailed prompts (see Table 1), compared to those generated using the
simple prompt “Translate the following text into Arabic.” Two examples from the scientific
text showing the better performance of ChatGPT using a detailed prompt versus a simple one
are given in Table 4.

Table 4. Examples from ChatGPT’s translations of the scientific text using a simple prompt
and a detailed prompt

Source Text ChatGPT-S ChatGPT-D

This lack of knowledge costs us: G ok o LA dadll § paidl o pan W caw Ayaall § paidl e
we risk creating GSI that people Aol e bl Lz 08 duos &y elad] A Ay cladlh Hblss usd sl
find unappealing Dl e (el basy ¢l s
We found that landscapes with any e Sy (@ dunndall o lall Of Bazg Sgied @ duandall LI Of Bazg
GSI are significantly more S Sy 58T el s dimes iy S sl sl Al dadl o 895 ST e
preferred than landscapes with no a1 e syis Y (@l el e Bgxle Y el e bamdo Sio dindo
GSI ¢l pas A Lgre ST e (S g

In the first example, translating “costs us” as La through the simple prompt is vague, as the
Arabic verb is left undefined, without specifying the type of cost. This could imply a financial
cost, the basic meaning of the verb, but the actual meaning here refers to the risk associated
with creating Green Stormwater Infrastructure (GS) that may not appeal to some people. This
distinction is clarified in the translation generated with the detailed prompt as (as W coww
Sl Also, the simple-prompt translation moves directly from Lak to the following statement
dos du lad] (§ shas Sla without clear coherence. In contrast, the detailed-prompt translation
achieves coherence by using the resultative -3, linking the risk of “creating GSI that people find
unappealing” to “this lack of knowledge.”

In the second example, the phrase <23 43 44y is unnecessarily repeated twice in the simple-
prompt translation, reflecting the repeated abbreviation GSI in the source text. As one human
rater noted, this repetition is “awkward stylistically, particularly due to the repetition of ¥ !
sl pas & 4y e sgid twice.” In contrast, the detailed-prompt translation avoids redundancy
by using sl &a=dl 44l once and addressing the repetition in the source text with the pronoun
s attached to the preposition .

6.3. Humans outperform machines
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The results above clearly show that MT has made significant progress in handling various text
types across all evaluation dimensions. However, human translation still receives the highest
ratings and outperforms the three MT methods (Google Translate, ChatGPT with a simple
prompt, and ChatGPT with a detailed prompt) in all evaluation dimensions. Notably, the
greatest differences between human translation and the MT methods are in the two dimensions

that give any translation its distinct character: cultural suitability and fluency. A few clarifying
examples from the literary text are given in Table 5.

Table 5. Comparison of Google Translate, ChatGPT (using simple and detailed prompts), and
human translations of cultural references in the literary text

Source Text Google Translate ChatGPT-S ChatGPT-D Human
We were planning on HbeW bhss LS S blss S oW halasi US @3l adais Of pfias US
sailing about two 3 dwe b Jls> dee Bbdls> & e @b Jls> poll 3 1o $kS 320
hundred miles a day ool podll podll
Barnacle Bill warned us oo dw SBHL Gyds> oo dw L Byd> o oL Gy Byds ud s SBHL o
about the Bay of Biscay, M (B s WSV s s SR gals o0 om b s gl o0
S0 we were expecting it o 050 Ol ladgs w0550 O a8 Of adgi LS'1U 1S ¢lobewly Lusyd
to be bad, and it was. IS 8 IS OBy gl 09 19591 s gu Liadss
.@UJSQSL«U &,‘3.3.42:5 cdud a:xg.x]\
Lilasgs

Cultural factors influence the translation of measurements because they often involve adjusting
to the measurement systems and conventions of the target culture. For instance, when
translating imperial measurement terms (such as inches, feet, or miles), converting them into
metric measurements (like centimeters, meters, or kilometers) in cultures that predominantly
use the metric system may be necessary. This adaptation ensures that the translation is
understandable and relevant to the target audience, aligning with their familiar cultural norms.
In translating “two hundred miles” in the literary text, all MT methods used J 5b, retaining
the imperial measurement even though all Arab countries use the metric system (Buchholz,
2019). The only translation that converts the imperial measurement of miles to the metric
measurement of kilometers is the human translation, which renders 200 miles as 320 kilometers

(7o 55 320).

Geographical references or names are also culturally significant in translation and require
clarity, especially if the target audience is unfamiliar with them (Sadiq, 2008). Despite the large
size of the Bay of Biscay (223,000 square km, according to Encyclopedia Britannica, 2024), it
is not widely recognized by general Arab readers. As such, transliteration alone, such as zd=
S8, is insufficient, as is done in the translations provided by the three MT methods. Only the
human translation includes both the transliteration and the brief explanatory phrase s (b
Wlwly, offering essential context for Arab readers unfamiliar with the bay.

Fluency refers to “the extent to which the linguistic and textual expression of the target text
matches the linguistic norms and conventions of the target language (grammar, spelling,
cohesion, etc.) and the textual requirements of the purpose of the translation” (Lommel et al.,
2015, as cited in Salmi, 2020, p. 150). The following example from the general text
demonstrates how fluency is achieved by closely adhering to Arabic linguistic norms and
conventions, resulting in a cohesive and natural translation.
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Table 6. An example comparing fluency issues in the translations of the general text by Google
Translate, ChatGPT (using simple and detailed prompts), and human translation

Source Text Google Translate ChatGPT-S ChatGPT-D Human
In order to make a point Je aSWI Ul g s musss Jol oo ple oo @ a8 ol ledie
about alternative energy 3Bl jalao duwnl Blall jobao Jg=> Cudye <1980 Sudzeiall O gund)
sources for Americans, conSmaSl dlsu ! (oeSoy bl dadewdsS dS s (Wl OsS AS) 2y areai
Consolidated Edison of i cwld 05 ASh s Sygres (§ Ogund] Syl C'“"-‘ o
New York (Con Ed)ran oyl wipudsusisS o GOsantd DU (Sl0sS)  Soliae ndsd g nin
a striking television (51 055) Dgisss & GOl (2] 05S) Ll B3Y Wgsal el cdslall dlyy
advertisement in the Gesals oMs] G & Bale 1 955808 Ladus Ghug & ko 3455805 Gole)
S?mme; of 1980.Film ple Cino § Jada 1980 ple i yolias e sgudl " (01980 ple o
frfrﬁe?ﬁavt:lyous gl 439.1980 OMeY! § gl AW Bl ES5omie ollad) sy
recognizable OPEC - P o plolie o Uowv ?buu oSl L. aad dad
personalities—Yamani, bl dalaie UL"’W adgyme bl w ladlll caesi & ‘:33)”} ‘ OW‘
Qaddafi, and lesser- 38l e d8g,mall Gl dieBsd - 0o BL Sluads Bladll Ol dalate
known robed Arab @ gledl Sluasid (JUAN St el debais Jie — (chyl) Laasl
figures—alternated with ~ J31dee Cluasdy  bed S35 doye (@M Glay Qlar 8 el Sl
stills and clips of other tblieg yguo po. Byl Wbl g5 dpye Oluasiy (GMALl jano dudiallg
people associated with ol el e ol ge gl Lusye 5y Oluasadl jang
oil and Islam: Khomeini, Ll cnadye iSyming Al cdygd JBT Ll G s (31 duyall
Arafat, and Hafez al- M\ pdlg Q::)_';T ooleal oo pe 9l Byei ] oSS ~ulj L}')’Jl
Assad. el Ll olbyeg 1aailly cphadye blioy &b cosliall elgin zhery —
gl 1Ml o1 polad Glasll jas g
Ll coldye bidh gadye Gl ] a3V dnll
Al el edYly 53T Oluasad olaa)
bdlog olye il bilewl Edas)
O] ¢ oyl Jie MYl

Al adlg (oldyeg

The human translation is the only one to merge two source text sentences into a single cohesive
sentence in Arabic, ensuring a smooth flow between ideas. This approach maintains fluency
by effectively using proper punctuation, making the long sentence clear and easy to follow.
Transitional words, such as Jis, have been added more frequently in the human translation (e.g.,
twice before the personalities’ names) compared to only once in ChatGPT’s translations,
enhancing the natural progression of the text. Also, the human translation consistently uses the
Arabic addition letter s along with commas to separate successive nouns, aligning with Arabic
linguistic norms. In contrast, the other MT methods mostly apply the English style, using
only once before the last noun.

To enhance clarity, the human translation includes additional names and titles absent in the
source text. For example, °§) 4e>1 )98Wl is added before (L to avoid any confusion with
Yemen or Yemeni. Also, while the three MT methods simply transliterate “Consolidated,” the
human translation renders it as 84>xJ!, making it more accessible to Arab readers who may not
be familiar with the English term. Since “Consolidated” is not commonly used in
transliteration, it would be difficult for Arab readers to recognize or understand. Although
OPEC is widely known among Arab readers, the human translation follows the prevalent
Arabic style by paraphrasing the acronym as (¢bsl) laall 8)0ad)l 0lud! &elaie and providing its

5 Ahmed Zaki Yamani (1930-2021) was the Minister of Petroleum and Mineral Resources in Saudi Arabia (1962—
1986) and represented the country in OPEC for 25 years.
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transliteration. This dual approach enhances clarity and aligns with Arabic conventions.

6.4. Challenges and opportunities in using MT

MT is expected to play an increasingly significant role in translation, particularly for languages
like Arabic, which remain underrepresented in global MT research. These tools can enhance
the speed and cost-effectiveness of translation, especially for informal tasks or projects with
tight deadlines. Integrating various MT tools—such as NMT and LLMs—can help
professionals manage large volumes of work more efficiently. However, human expertise
remains essential for translating complex or culturally sensitive content. The use of MT tools
in critical domains such as law and medicine also raises ethical concerns, as they may struggle
with nuanced terminology, potentially leading to misunderstandings or harmful consequences.
As Al continues to advance, the role of human translators will be crucial in preserving linguistic
diversity and providing the contextual and cultural insights that machines cannot replicate.
While MT tools can support the translation process, human intervention remains indispensable
for tasks requiring deep cultural understanding and ethical judgment.

7. Conclusion

This study compared NMT, represented by Google Translate, and LLMs, represented by
ChatGPT, with human translation, focusing on their strengths, weaknesses, and practical
applications. The results show that while MT has advanced, human translation remains superior
in cultural suitability, fluency, and accuracy across various text types. ChatGPT, with detailed
prompts, performed nearly as well as human translation, especially in literary and media texts.
At the same time, Google Translate struggled with fluency, cultural suitability, and
terminology, particularly in scientific and general texts. The study highlights the importance of
prompt quality in improving MT output, but human translation remains unmatched in overall
quality, underscoring its crucial role in producing precise, culturally adjusted translations.

This study offers valuable insights for translation trainers, professionals, and students. For
trainers, it provides a basis for developing curricula that address both the strengths and
limitations of MT and human translation, equipping students to use these tools effectively while
emphasizing the importance of human expertise. For translators, the study offers guidance on
selecting tools based on text type and task requirements, highlighting when human translation
is essential and when MT can serve as a time-saving aid requiring post-editing. Students benefit
from understanding the interplay between MT and human translation, developing critical
thinking skills, and recognizing the unique value of human judgment in complex or specialized
translation tasks.

Despite its contributions, this study has some limitations. It examined a limited range of text
types—general, literary, scientific, and media—which may not cover all translation challenges.
Also, it employed a narrow set of evaluation dimensions, potentially missing other important
aspects of translation quality, and relied on a small number of human evaluators, which could
have introduced bias or inconsistency. Also, the focus on translations from English into Arabic
makes it harder to apply the results to Arabic-to-English translations, which might have
different challenges.
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Future research could address these gaps by examining more specialized or creative text types
and using a broader range of evaluation dimensions to evaluate translation quality. Increasing
the number of human evaluators would enhance the reliability of evaluations. Comparative
studies of English-to-Arabic and Arabic-to-English translations could reveal unique challenges
and insights related to directionality. Moreover, exploring the cognitive processes involved in
post-editing MT outputs and how human intervention improves translation quality could
provide deeper insights into the interaction between MT systems and human translators.
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Appendix 1: Translation Evaluation Questionnaire
Welcome to My Survey!

Thank you for taking the time to participate! We are currently evaluating four different
translations of various texts, and your feedback is essential for this project.

In this survey, you will find a selection of original texts paired with their translations. We
encourage you to carefully review each translation, considering its accuracy, style, and overall
readability. Your thoughtful evaluation will provide valuable insights into how effectively
these translations convey the original meaning and tone.

Once you have reviewed the texts, please complete the questionnaire based on the questions
provided. Your opinions and observations will greatly assist us in understanding the strengths
and weaknesses of each translation.

Thank you again for your participation!

For any inquiries, please contact me at: saudi.sadig@mu.edu.eg

Section 1: Background Information
Name (Optional):
Institution/University (Optional):
Current Position:
Years of Experience in Translation (Give the number):

Section 2: Evaluation of Text 1 Translations: Please review the following text and its four
Arabic translations. Then, evaluate each based on the questions provided below.

Source Text:
Islam and the West

In order to make a point about alternative energy sources for Americans, Consolidated Edison
of New York (Con Ed) ran a striking television advertisement in the summer of 1980. Film
clips of various immediately recognizable OPEC personalities—Yamani, Qaddafi, and lesser-
known robed Arab figures—alternated with stills and clips of other people associated with oil
and Islam: Khomeini, Arafat, and Hafez al-Assad. None of these figures was mentioned by
name, but we were told ominously that “these men” control America’s sources of oil. The
solemn voice-over in the background made no reference to who “these men” actually are or
where they come from, leaving it to be felt that this all-male cast of villains has placed
Americans in the grip of an unrestrained threat. It was enough for “these men” to appear as
they have in newspapers and on television for American viewers to feel a combination of anger,
resentment, and fear. This combination of feelings was what Con Ed sought to arouse and
exploit for domestic commercial reasons, just as a year earlier, Stuart Eizenstat, President
Carter’s domestic policy adviser and now a senior official in the Clinton administration, had
urged the president to “with strong steps, mobilize the nation around a real crisis and with a
clear enemy—OPEC.”

Translation 1:
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olly el

sgpall Jadud Cougy il G8Y 543346 Ble] (3] 055) 9098 3 Ogaand] Wit guud oS A7 Copye <1980 ple oo §
Oluasing (GBI (Bl Jio ccbigl dadare (1o 8 Wluass Gladlll Cuaal . nSop dbud) Bl jabas Je
(Gl Py Jaaidl Uv\h.a.aj.n T pelad aoliag 4B Hguo o alll Byg J3T Ol &5y (5531 Ay
09 sbarws ”dL‘>JJ| ;)‘3.b” ol Glae S Ledb) © o ‘M)‘b Oluasadl 0dd e le_)SJ o ‘d Ry bhdl>g cldye
SJU “5“ Uf‘ U"“ﬁ‘ "dl;?)” ;)‘}Q” R 0 dj—’ &Mal.n.: L§‘ 4:«.0.1::.” L} el U344J|)5.,\3 (OJ 45«53)93” _b.ﬂ.«.”‘)dl.\aﬁ ol.c—
sY30" elay OF Ao OF e A& Ligh Auad 3 caSopadl g U8 )9Sl LAY e degazeall 0 O oty dalaall
osall 1 085 .53l ol cnaitl) (e gsas 9 yadtad Og23alilly Chnaall (§ (0591 )5g0mdl @aalis S Jl
)l gin il LS Lalod cduds-1s Aoyl 02y il g 456 Al O geud] Kodd g 98 &S 4 Canwn Lo 98 yelinall (po
301 5 ple Jad syl 0538 8)15) (3 Gud) Yggams I ol (g Al lasbiaadd 1358 )l Hlias cliadsy]
",gﬂgji—é,,'ab 949 dudud> do)) Jo= eI wius) dogd Wlglas

Translation 4:
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Section 3: Evaluation of Text 2 Translations: Please review the following text and its four
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Arabic translations. Then, evaluate each based on the questions provided below.
Source Text:

Ship’s Log

September 20

It’s five in the morning. I’'m on watch in the cockpit and no one else is awake. We left
Southampton ten days ago now. The Channel was full of tankers. There were dozens of them.
So, either Mom or Dad took turns on watch the first two nights. They wouldn’t let me. I don’t
know why not. There wasn’t any fog, and I can see as well as they can.

We were planning on sailing about two hundred miles a day—that’s about eight knots. But in
the first week, we were lucky if we made fifty miles a day.

Barnacle Bill warned us about the Bay of Biscay, so we were expecting it to be bad, and it was.
Force 9 gale. Force 10 sometimes. We were slammed all over the place. I thought we’d sink. I
really did. Once, when we came to the top of a wave, I saw the bow of the Peggy Sue pointing
straight up at the moon. It was like she was going to take off. Then we were hurled down the
other side so fast, I was sure we were going to the bottom. It was bad. I mean, it was horrible,
really horrible. But the Peggy Sue didn’t fall apart, and we made it to Spain.

Translation 1:

dogbaad | Joman

.

S0
Ligdo BUAN 36 .01 pbl B e Oginslgiglin Byole Jaiduns d>T Vg 8ol Byad (3 COLT BT L luo dunslid! ALl
o I3l CyelY Lelidy J o o cxildd Jol (3 &dledl e 3T 91 (2T 9l (el lghe ol adl Sl O . Jadidl MBLy
Loghio 1 03,)1 (53S9 colus ST Jus oS
Mo crranas- Lialad 13] s glasma US e Jodl goundl 3 805 e 33 s> 8T - psadl @ dio (5o Jls> Hle Jakass LS
£ &
Tloadl Uiy ua) .10 89 Bl .9 B9y disole .&ldS 03 buw 1550 OF liad g3 G ¢(680un s 3o Juw S Uy
My@wwuﬁﬁéw‘)cb}o&oﬁkﬂWﬁbm‘éfuB b cde ua) L3y LT coudsel 08 S 3
Y ‘..\Sl.uo u.aséol 4.'>_)u\.] wJ\.SchfuPBH wl;:” d‘ l.u..aJl (w &)L‘))’\ gl.wj L:LC wSLGJ\jj LASJA)“ QS )A.Q.” L;‘ qfwl.m
Ll JI o g9 «lSass @ gun (Sr disdan S La> 2 gy0 &gy yoYl us‘@.d Lo 11 OF . el JI e Ll

Translation 2:

doband | Jomas
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Translation 3:

dogband | Joman
S 20
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Translation 4:

dogland | Joran
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Section 4: Evaluation of Text 3 Translations: Please review the following text and its four
Arabic translations. Then, evaluate each based on the questions provided below.

Source Text:

Many cities in the US have implemented Green Stormwater Infrastructure (GSI) to manage
stormwater. Because several types of GSI are relatively new, we do not know how people
perceive GSI or the extent to which they prefer various configurations of GSI. We also do not
know the extent to which laypeople perceive GSI differently from designers. This lack of
knowledge costs us: we risk creating GSI that people find unappealing, and if they do not like
it, they may not want to spend time in or near it, they may not maintain it, and they may not
reap health benefits from it. In this study, 497 laypeople and 117 designers provided preference
ratings of 55 photographs of GSI. We used factor analysis to identify the categories of GSI that
people perceive. We found that landscapes with any GSI are significantly more preferred than
landscapes with no GSI, and that the messiness of GSI impacted preference. Designers’
preferences were similar to those of laypeople, except that designers had a greater dislike for
images consisting of lawns and retention ponds compared to laypeople, and designers had a
slightly greater preference for newer forms of GSI, such as green roofs and bio-retentions.
Designers can use these results to create preferred landscapes that manage stormwater while
promoting the wellbeing of the people they serve.

Translation 1:
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Section 5: Evaluation of Text 4 Translations: Please review the following text and its four
Arabic translations. Then, evaluate each based on the questions provided below.

Source Text:

Showdown is set: Trump and Harris plan to debate in September

ABC News has said it will host the first debate between Donald Trump and Kamala Harris on
10 September.

The network confirmed the showdown in a post on X, formerly Twitter, after Trump said on
Thursday that he would be open to debating his Democratic rival multiple times before the
November election.

“We think we should do three debates,” Trump said, suggesting two additional debates that
he said would be hosted by Fox News and NBC, respectively.

Ms. Harris confirmed that she will attend the ABC debate while at an event in Michigan on
Thursday, and said later that she would be open to additional debates.

The network said the debate will be moderated by World News Tonight anchor and managing
editor David Muir and ABC News Live Prime anchor Linsey Davis.

Translation 1:
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Translation 3:
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udlio go Bodaio Wbl (o Btie 09 4l sl pgr canl)i o OF iy (Bl Jog3) X dsio Jo ygdido
edgs bl S ddolyaasll
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Fox News JIsdl (e Laghuain dli] oilolie i ¢ Olyble &M Hla 0555 0f cam 41 diias ieaelys JBs
NBC.s

058t LT Y 839 ¢ el pga Oligdine 3 G (3 LwiS)line sUST ABC 8ybls (3 Waygua uyle Bl STy
Aals] wlblie Je dxidio

> « ABC News x> uys “World News Tonight” gl gode lede (3o 815041 Ol aSadl &,S3g
o> i “ABC News Live Prime” dade J] 48LoYL ¢ pge

Translation 4:

Jall sedies 3 g Cuelys o Byl

& ool Yoy a3 Wgd Gyl crmdoyall (r J99 8y lkall Csiaiandion 3] AS05aY1 7 558 (g (3 ol 8 BB

Jobl/ petine o ol

098w 4] ol P2 el JB O s ¢ Sugs el Tialo g yaall ¢S] e 9o (§ dgrl gl o 3l STy

QW A5/ a8 g3 Ll S Wilye Bie Aol diudlio Bylslne e Ixitans

Q019 jgs 0S99 lagauiaind ol e widls] (3,5l (> fae Ol b le &M ¢ly> lde e &1 daxas” 1cwlys JBg

Gl e oo

e doxiie 090w @] (Y By ¢ uesdl 32 Obrsdiwn § g9 AT Yw @ 4l 8yble Al &l peyla STy

oLbUal (e J:J).AJ‘

@l HLT ol 7Cobis a5 Wyge” LSV goliall 4oy ey mudall (g duiss Wy 8, blall ¢ dSeadl g

Tl Y as o g @l il el (§ dmdall cuiins (gudddg A

1. How far does each translation accurately convey the meaning of the source text? Please
respond to the question by marking the box you find appropriate with an “X.”

Completely 5 Mostly 4 | Somewhat 3 | Slightly 2 Notatall 1

Translation 1
Text 1 Translation 2
Translation 3
Translation 4

Completely 5 | Mostly4 | Somewhat 3 Slightly 2 Notatall 1

Translation 1
Text 2 Translation 2
Translation 3
Translation 4

Completely 5 | Mostly4 | Somewhat 3 Slightly 2 Notatall 1

Translation 1
Text 3 Translation 2
Translation 3
Translation 4

Completely 5 | Mostly4 | Somewhat 3 Slightly 2 Notatall 1

Translation 1
Text 4 Translation 2
Translation 3
Translation 4

2. How far is each translation easy to understand and follow? Please respond to the question
by marking the box you find appropriate with an “X.”

Completely 5 Mostly 4 | Somewhat 3 Slightly 2 Notatall 1
Translation 1
Text 1 Translation 2
Translation 3
Translation 4
Text 2 Completely 5 Mostly 4 Somewhat 3 Slightly 2 Notatall 1
89
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Translation 1

Translation 2

Translation 3

Translation 4

Text 3

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1

Translation 1

Translation 2

Translation 3

Translation 4

Text 4

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1

Translation 1

Translation 2

Translation 3

Translation 4

3. How far does each translation match the style and tone of the source text? Please respond to

the question by marking the box you find appropriate with an “X.”

Text 1

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Notatall 1

Translation 1

Translation 2

Translation 3

Translation 4

Text 2

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1

Translation 1

Translation 2

Translation 3

Translation 4

Text 3

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1

Translation 1

Translation 2

Translation 3

Translation 4

Text 4

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1

Translation 1

Translation 2

Translation 3

Translation 4

4. How far is each translation culturally appropriate for the target audience? Please respond to

the question by marking the box you find appropriate with an “X.”

Text 1

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Notatall 1

Translation 1

Translation 2

Translation 3

Translation 4

Text 2

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1

Translation 1

Translation 2

Translation 3

Translation 4

Text 3

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1

Translation 1

Translation 2

Translation 3

Translation 4

Text 4

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1
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Translation 1

Translation 2

Translation 3

Translation 4

5. How far does each translation use specialized terminology accurately and consistently?
Please respond to the question by marking the box you find appropriate with an “X.”

Text 1

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Notatall 1

Translation 1

Translation 2

Translation 3

Translation 4

Text 2

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1

Translation 1

Translation 2

Translation 3

Translation 4

Text 3

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1

Translation 1

Translation 2

Translation 3

Translation 4

Text 4

Completely 5

Mostly 4

Somewhat 3

Slightly 2

Not at all 1

Translation 1

Translation 2

Translation 3

Translation 4

Kindly include any additional comments you may have:

Journal of Languages and Translation (JLT), Vol. 12, Issue 1, pp. 67-95 | January 2025

91



Evaluating English-Arabic translation: Human translators vs. Google Translate and ChatGPT

Appendix 2: Human evaluators’ ratings of the translations under study

%) >
> g —_ 2 o0 )
Evaluat Text Translation E ? = £= = g;"
valuator Type done via 5 2 f % :§ E 5
< 2 £ O E 5 <
wn
Evaluatorl 3 1 1 2 2 1.8
Evaluator2 4 5 4 3 5 4.2
Evaluator3 £ 3 3 2 2 2 2.4
Evaluator4 @ 4 5 4 4 4 4.2
Evaluators | . . = 4 4 3 4 4 3.8
Evaluator6 kS 2 2 2 3 2 2.2
Evaluator? %ﬁ 4 4 4 4 4 4
Evaluator8 ) 3 3 3 4 3 32
Evaluator9 3 3 3 3 3 3
Evaluator10 2 3 2 3 2 2.4
Averages 3.2 3.3 2.8 3.2 3.1 3.12
Evaluator] - 2 2 2 3 2 2.2
Evaluator2 g* 5 5 5 4 5 4.8
Evaluator3 % 4 3 2 2 2 2.6
Evaluator4 o 4 5 4 4 4 4.2
Evaluator5 General g* 2 4 3 3 4 3.2
Evaluator6 ‘@ 3 3 3 2 3 2.8
Evaluator? e 4 4 4 4 4 4
Evaluator8 ? 4 3 4 3 3 3.4
Evaluator9 5 4 4 4 4 4 4
Evaluator10 3 3 3 3 2 2.8
Averages 3.5 3.6 34 3.2 33 34
Evaluatorl 4 3 4 4 3 3.6
Evaluator2 g 3 5 3 2 5 3.6
Evaluator3 S 4 4 3 4 4 3.8
Evaluator4 oy 4 5 4 4 4 4.2
Evaluator5 = 4 4 4 4 4 4
Evaluator6 | General b 4 4 4 4 5 42
Evaluator7 e 4 4 4 4 4 4
Evaluator8 & 5 3 3 3 3 34
Evaluator9 = 4 4 4 5 4 4.2
Evaluator10 © 4 4 4 4 4 4
Averages 4 4 3.7 3.8 4 39
Evaluatorl 5 4 3 5 5 4.4
Evaluator2 2 5 2 5 5 3.8
Evaluator3 - 5 5 4 5 4 4.6
Evaluator4 .- 5 5 5 5 5 5
Evaluators E 5 4 5 4 4 4.4
Evaluator | Conerdl s 5 5 5 5 4 48
<
Evaluator7 g 5 5 5 5 5 5
Evaluator8 2 3 3 3 4 3 3.2
Evaluator9 5 5 4 5 5 4.8
Evaluator10 4 5 4 5 5 4.6
Evaluator1 Averages 4.4 4.6 4 4.8 4.5 4.46
Evaluatorl 2 2 2 1 1 1.6
()
Evaluator2 5 = 5 5 5 4 5 4.8
: 2]
Evaluator3 | L1terany g 4 4 3 3 3 34
Sa
Evaluator4 4 5 4 4 4 4.2
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Evaluator5 4 4 5 4 4 4.2
Evaluator6 3 3 3 3 3 3
Evaluator7 5 3 5 3 3 3.8
Evaluator8 4 4 4 4 4 4
Evaluator9 5 5 5 3 4 4.4
Evaluator10 2 4 3 4 3 3.2
Averages 3.8 3.9 3.9 33 3.4 3.66
Evaluatorl 3 2 3 2 2 2.4
Evaluator2 4 3 4 2 3 3.2
Evaluator3 S 4 5 4 4 4 42
Evaluatord & 4 5 4 4 4 42
Evaluator5 'dé, 4 4 5 4 3 4
Evaluator6 | Citerary £ 3 4 3 3 3 32
Evaluator7 % 5 3 5 3 3 3.8
Evaluator8 = 3 4 4 4 4 3.8
Evaluator9 © 5 4 4 4 4 4.2
Evaluator10 4 4 4 4 4 4
Averages 3.9 3.8 4 3.4 3.4 3.7
Evaluatorl 3 3 3 3 3
Evaluator2 - 3 4 4 5 4 4
Evaluator3 £ 4 5 4 4 4 42
Evaluator4 g, 4 5 4 4 4 4.2
Evaluator5 zé 4 4 5 4 3 4
Evaluator6 | -iterary 3 4 5 4 4 4 42
Evaluator? > 5 4 4 4 4 42
Evaluator8 % 4 4 5 4 4 4.2
Evaluator9 © 5 4 4 4 4 42
Evaluator10 5 5 5 4 5 4.8
Averages 4.1 43 4.2 4 3.9 4.1
Evaluatorl 5 5 5 5 5 5
Evaluator2 2 2 4 3 2 2.6
Evaluator3 - 4 4 3 3 3 34
Evaluator4 2 5 5 5 5 5 5
Evaluator5 . é 4 5 5 4 4 4.4
Evaluator6 | iterary £ 5 5 5 5 5 5
Evaluator7 g 5 5 3 5 5 4.6
Evaluator8 = 4 4 4 4 4 4
Evaluator9 5 5 3 5 5 4.6
Evaluator10 4 5 4 5 4 4.4
Averages 4.3 4.5 4.1 4.4 4.2 4.3
Evaluatorl 2 2 2 2 2 2
Evaluator2 Eé 5 2 5 2 5 3.8
Evaluator3 g 1 1 1 1 1 1
Evaluators | Scientific 5 3 3 3 4 4 34
Evaluator5 %0 3 3 4 3 3 32
Evaluator6 © 3 3 3 3 3 3
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Evaluator7 3 2 5 2 2 2.8
Evaluator8 4 4 3 4 3 3.6
Evaluator9 4 4 4 3 4 3.8
Evaluator10 2 2 2 3 2 2.2
Averages 3 2.6 3.2 2.7 2.9 2.88
Evaluatorl - 3 3 3 3 3 3
Evaluator2 g* 4 3 4 3 4 3.6
Evaluator3 S 2 2 2 2 2 2
Evaluator4 & 4 5 3 4 4 4
Evaluator5 Scientific g* 3 3 4 3 3 3.2
Evaluator6 ‘@ 2 2 3 3 3 2.6
Evaluator? e 3 3 4 3 3 3.2
Evaluator8 2 5 4 3 4 3 3.8
Evaluator9 5 4 4 4 3 4 3.8
Evaluator10 4 3 4 3 2 32
Averages 34 3.2 34 3.1 3.1 3.24
Evaluatorl - 4 4 5 4 4 4.2
Evaluator2 g 3 5 3 5 3 3.8
Evaluator3 2 4 4 4 4 4 4
Evaluator4 ° 4 5 4 4 4 4.2
Evaluator5 Scientific TE 4 4 3 4 4 3.8
Evaluator6 3 4 4 4 4 4 4
Evaluator7 E 4 4 3 4 3 3.6
Evaluator8 @ 5 4 3 3 3 3.6
Evaluator9 %‘ 5 5 4 4 4 44
Evaluator10 4 4 4 4 3 3.8
Evaluatorl Averages 4.1 4.3 3.7 4 3.6 3.94
Evaluator] 5 5 4 5 5 4.8
Evaluator2 2 4 2 4 2 2.8
Evaluator3 S 4 4 4 4 4 4
Evaluator4 ks 5 5 5 5 5 5
Evaluator5 Scientific g 4 4 4 4 4 4
Evaluator6 = 5 5 5 5 5 5
Evaluator7 g 5 5 2 5 5 4.4
Evaluator8 = 4 4 3 3 3 34
Evaluator9 5 5 4 5 4 4.6
Evaluator10 4 5 4 5 4 4.4
Averages 4.3 4.6 3.7 4.5 4.1 4.24
Evaluator] 4 3 3 2 2 2.8
Evaluator2 5 4 5 2 5 4.2
Evaluator3 2 3 3 1 2 1 2
Evaluator4 e 5 5 5 5 4 4.8
Evaluator5 . s 5 5 4 4 5 4.6
Evaluator6 | Mcdid 5 3 3 3 3 3 3
Evaluator? “é” 4 4 5 3 3 3.8
Evaluator8 ) 4 5 4 5 4 4.4
Evaluator9 5 5 4 3 4 4.2
Evaluator10 2 2 3 2 2 2.2
Averages 4 3.9 3.7 3.1 33 3.6
Evaluatorl - 4 4 4 3 4 3.8
Evaluator2 g‘ 4 4 4 3 4 3.8
Evaluator3 % 4 4 2 3 3 3.2
Evaluator4 o 5 3 5 5 4 44
Evaluator5 . & 5 5 4 4 4 4.4
Evaluatore | Media £ 5 5 5 5 5 5
Evaluator? e 4 4 4 4 4 4
Evaluator8 2 4 5 4 5 4 4.4
Evaluator9 5 5 5 4 4 4 4.4
Evaluator10 2 3 3 3 2 2.6
Averages 4.2 4.2 3.9 3.9 3.8 4

Journal of Languages and Translation (JLT), Vol. 12, Issue 1, pp. 67-95 | January 2025



Saudi Sadig

Evaluatorl - 4 4 4 4 4 4
Evaluator2 g 4 4 3 4 4 3.8
Evaluator3 2 5 5 4 4 4 4.4
Evaluator4 "g 5 5 5 5 4 4.8
Evaluator5 . = 5 5 4 4 5 4.6
Evaluator6 Media E 3 3 3 3 3 3
Evaluator?7 E 5 4 4 4 4 4.2
Evaluator8 @ 4 5 4 4 4 4.2
Evaluator9 (::j 5 5 3 4 4 42
Evaluator10 3 3 4 2 3 3
Averages 4.3 4.3 3.8 3.8 3.9 4.02
Evaluatorl 5 5 4 5 5 4.8
Evaluator2 4 4 2 5 3 3.6
Evaluator3 S 5 5 4 4 4 44
Evaluator4 ks 5 5 5 5 5 5
Evaluator5 Media é 5 5 4 4 4 4.4
Evaluator6 e 4 4 4 4 4 4
Evaluator7 g 5 5 3 5 5 4.6
Evaluator8 :E 4 5 4 5 4 4.4
Evaluator9 5 5 3 5 5 4.6
Evaluator10 4 5 3 5 5 4.4
Averages 4.6 4.8 3.6 4.7 4.4 4.42
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