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Abstract
The purpose of this study is to present a Fuzzy Neural Networks approach of financial distress
prediction model appropriate for investors and financial analysts. The study contributes by introducing
variables that are included in the prediction model of the neuro-fuzzy. This study incorporates the financial
indicators, corporate governance, macroeconomic variables in one neuro-fuzzy model. The study presents
an Adaptive Neuro-Fuzzy Inference System (ANFIS) with Triangle, Gaussian, Bell, Sigmoid and
trapezoidal Membership Functions. The study examines a sample of companies listed in the Egyptian Stock
Exchange from 2010 to 2015. Moreover, the results indicate that the model accuracy is 100% for Bell MF,
%100 for Gaussian MF, %100 for Sigmoid MF, %98.79 for Trapezoidal MF and %95.18 for Triangle MF.
These prediction accuracy levels indicate that ANFIS can be used for the prediction of financial distress, it
could be a highly acceptable Model.
Key Words: Fuzzy Neural Networks, ANFIS, Neuro-Fuzzy, Financial Distress, Financial Indicators,

Corporate Governance, Macroeconomic Variables
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Financial Distress Prediction Model
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