Gl it ]yl (§ S Gl i 3
e L

F SRty Jhd| e Gt /2

- - : /)



Jidie Juadl 2 3 sama /o il S 5 bl s 8 CLESY) <) S i i

Summary

The following research aims to study the process of underwriting in
corruption risk in insurance companies, by using a quantitative model helps
to make a rational underwriting decision by dividing countries into different
groups according to different types of corruption risks ( bad risks, and low
risks groups ) depending on the effective factors on the risk, and using the
functions of discriminant analysis and logistic regression in order to make a
good underwriting decision over the world.
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Discriminant Analysis
Logistic analysis
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Types of Discriminant Analysis : .

. ()

Direct Discriminant Analysis : (DDA) -
Hirachical Discriminant Analysis (HAD) -

Stepwise Discriminant analysis (SDA) : -
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Goodness-of-fit -

wald test

Wald test = (bi/6hy)
Likelihood Ratio -
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Stepwise Discriminant analysis
()

B's Wilk's lambda

Stepwise Selection
Wilk's lambda
( )

. B's

D =-0.988 - .039X; + .098X3 - .038X13

. D R

( ) D X3
. X3

()

Discriminate Score
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(/1)
Step Variable Talerance F to Remove Wikl's lambda
1 X3 1.000 88.357 .883
2 X3 .998 73.860 .875
X1 .998 4.899 .505
3 X3 .993 61.329 772
X1 .997 5.985 .486
X13 .976 4.516 478
X13 ()Xt ( ) X3
( )

(/1)
Variable not in the Analysis
Step Talerance Mintelerance F to enter Wikl's lambda
X1 1.000 1.000 12.833 .875
Xz 1.000 1.000 39.492 .695
X3 1.000 1.000 88.357 .505
X4 1.000 1.000 48.138 .652
Xs 1.000 1.000 74.404 547
Xs 1.000 1.000 25.725 778
X7 1.000 1.000 30.506 747
Xs 1.000 1.000 22.499 .800
Xo 1.000 1.000 1.185 .987
X10 1.000 1.000 .606 .993
X11 1.000 1.000 17.599 .836
X12 1.000 1.000 34.144 735
X13 1.000 1.000 10.015 .900
3 X2 716 716 1.642 447
X .490 490 .480 452
x4 .307 .307 .953 450
x5 .763 .763 .181 454
XG .715 712 .296 453
x7 .876 .876 .616 452
x8 .970 .967 3.185 439
X o .982 973 1.147 449
Xl° .907 .907 .660 452
1 .588 .588 .322 453
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D = -0.0988 - -0.039X; + 0.098X3 -0.038X13
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()
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512 -.988 - .039(15.47) + .098(8.33) - .038(7.63) = -1.065
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D, = -.988 - .039(8.82) + .098(25.7) - .038(2.35) = 1.097
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D1 = -3.554 + .222X; + .125X3 + .162X13
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