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-0.102 2.250 -1.302 7.50 -0.811 454 0.037 0.07 -1.235 -0.662 -1.360 AIC
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42" @6)* (12)* (15" (18.9)* (6.2)* (16.6)* (13.0)"* ((2+E)* (9.1)* (15.15)* (t-sté)
0.37 0.780 0.69 0.76 0.83 0.35 0.80 0.72 1.00 0.54 0.76 R
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ABSTRACT

This paper aims to predict the monthly prices of some selected agricultural commodities using the Box-Jenkis
method, and the monthly data for 11 fresh vegetable crops were used, these crops are; garlic, onions, potatoes, tomatoes,
green beans, carrots, cabbage, eggplant, cucumbers, peppers and zucchini, during from January 2013 to February 2019 with
total 74 observations, the paper implemented in five basic stages: stage (1) studying the stationary within the time series,
stage (2) formulation, estimation and testing for a set of alternative models, stage (3) economic forecasting, stage (4) testing
the instability of the conditional variance of the autoregressive relationship, stage (5) testing the conditional variance
instability of the general autoregression relationship, and after testing the stationary and trend states and treating them with
appropriate methods, the following most important results were obtained, which are models suitable for predicting the future,
and the most important estimated models are for cabbage is [ARMA(1,0)(0,0)], cucumber [ARMA (1,1)(0,0)], carrot
[ARMA (4,2)(0,0)], Eggplant [ARMA(1,1)(0,0)], garlic [ARMA(1,0)(0,0)], green beans [ARMA(2,2)(0,0)] onion
[ARMA(1,0)(0,0)], pepper [ARMA(2,1)(0,0)], potato [ARMA(1,0)(0,0)].
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