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Abstract:

This research aims to test the ability of multi-layer neural network models
compared to traditional statistical models to improve credit risk forecasting
accuracy, by developing a model whose input depends on a set of financial
ratios obtained from a sample of listed corporate in the Egyptian Securities
Exchange.

The accuracy of neural network to predict credit risk was tested by analyzing
and testing the study model using both logistic regression, and multi-layer
neural network models, in order to reach the accuracy of classifying
corporates to exposed to credit risk and not exposed to credit risk by a sample
of (83) of listed corporate in the Egyptian Securities Exchange over ten years
(2010 - 2019) with a total of (824) views.

The research concluded that multi-layer neural networks models are
distinguished with high predictive accuracy over other statistical models in
improving the ability of financial ratios to predict credit risk, in addition to
their ability to determine the optimal mix of financial ratios that achieve the
best efficiency and effectiveness of multi-layer neural networks in forecasting.

Keywords: Neural Networks, Credit risk, Forecasting.
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