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The impact of Digital Transformation Techniques
on the Performance of the Audit Process in Egypt
an Empirical Study

Dr. Shadi Ahmed Zaki Ewis
Abstract:

The business environment in recent years has been aimed to a
group of technological developments in various sectors,
especially in the field of information systems and has become
more volatile and complex than it was in the past. This rapid
technological development led to changes represented in the
shift from traditional systems to the digital economy, which in
turn affected all financial administrative and operational
aspects.

Therefore, these developments will expand the scope of
development and change and the occurrence of unprecedented
transformations, which makes it very important to work to keep
pace with these changes and to use and update efficient and
effective methods in making positive use of these
transformations in the business environment. Therefore, the
aim of the research is to demonstrate the impact of digital
transformation techniques. On the audit preform.

The researcher made a survey list and distributed it to and
auditing offices and Faculty Member. The researcher tested this
statistically using statistical methods (multiple regression
analysis, Pearson correlation coefficient,) and through the field
study. The research found that that the use of digital
transformation techniques has great importance and impact on
the performance of the audit profession through the presence of
a statistically significant relationship showing that the greater
use of digital transformation techniques the greater positive
impact on the performance of the audit profession.

Key wards: Block Chain — Machine Learning — Digital
Transformation - Auditing
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